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Model information

What is the impact of ADAT2 on the proteome? What
makes a protein more dependent on ADAT2? Machine learning * Logistic regression

* 135 variables
* Scaled into Zscores
* L1 reqgularization
* Hyperparameters tuned by k-
fold crossvalidation
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. . . . * High variability in weights between models — yet really good
By crossing proteomics with RiboSeq, we end up performance
with a list of 65 high-confidence target genes Why?
- Correlation between variables could be confusing the model
> Feature set * Tentative solution:
: - Identify clusters of correlated variables —» remove iteratively to rank
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