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Abstract

E-commerce is quickly increasing purchasing behavior across the globe, but little is known
about how psychological paradigms underscore online buying intentions for locally es-
sential items as nomadic local foods. The primary goal of this research is to examine the
effects of some important psychological constructs and motivational values on predicting
consumers’ intention to purchase nomadic and local foods via online e-commerce platforms,
such as Ashayershop. This study followed the Theory of Planned Behavior (TPB) and
looked at direct and mediated effects of attitudes, perceived behavioral control, and subjec-
tive norms on intention to purchase. Structural Equation Modeling (SEM) was conducted,
based on data collected from a representative sample of consumers who were familiar with
online shopping for local foods. The results highlight that attitude towards online shop-
ping for local foods was the strongest direct predictor of intention to purchase (β = 0.383,
T = 9.487, p < 0.001). Perceived behavioral control (β = 0.220, T = 5.316, p < 0.001), hedonic
value (β = 0.213, T = 4.907, p < 0.001), utilitarian value (β = 0.187, T = 3.719, p < 0.001), and
subjective norms (β = 0.149, T = 3.493, p < 0.001), received a significant positive effect on
intention. In addition, hedonic and utilitarian values bountifully mediated the relation
between psychological antecedents (attitudes, perceived behavioral control, and subjective
norms) and purchase intention. For instance, attitude indirect effect via hedonic value
was β = 0.080 (T = 3.783, p < 0.01), and indirect effect via utilitarian value was β = 0.040
(T = 3.058, p < 0.01), indicating the importance of these values as mediators. This research
makes a contribution to the literature by showing that motivational values serve as not only
an outcome but also as cognitive–affective mediators in the behavioral process thus expand-
ing the TPB in the context of digital food markets. In general, these results provide valuable
insights to e-commerce platforms and policymakers who desire to promote consumer
engagement with products stemming from culture and tradition on line by developing new
integrated strategies that address the cognitive, emotional, and social components.
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1. Introduction
Internet statistics have reported that in 2022, there were more than five billion internet

users. Comparing this number with internet users in 2000 shows a significant growth
in internet usage [1]. The expansion and advancement of internet technologies have not
only had a profound impact on people’s lives but have also greatly affected businesses,
particularly online businesses [2–4]. In other words, it can be claimed that online com-
merce is one of the main driving forces of global growth [5–7]. Important factors such as
changes in consumer lifestyles, technological advancements, increased wealth and con-
sumer knowledge, and rapid financial growth around the world have contributed to the
growing popularity of online commerce [5,8,9]. As the internet has become an essential tool
for communication and commerce worldwide, online shopping is considered a suitable
priority for consumers [10–12]. Online shopping can be regarded as the third most popular
activity among internet users after email and web browsing [10,13]. The number of online
shoppers is rapidly increasing, and accordingly, the use of online shopping platforms is
also on the rise [14–16].

One of the most important prerequisites for launching any business is considering
online buying and selling as a strategy to increase revenue and enhance competitive-
ness [17,18]. Eectronic commerce and businesses, educating consumers and online buyers
is an undeniable prerequisite for development [19]. Online shopping allows customers
to purchase goods and services from any location (even in rural areas) and at any time.
This shopping method also helps consumers reduce the time and effort required for shop-
ping [20,21]. The time and location flexibility of online shopping leads to avoiding crowds,
reducing waiting times, and saving the energy needed for shopping, as consumers do
not physically go to stores and shopping centers [22,23]. Moreover, this type of shopping
also has psychological benefits, as consumers enjoy the advantages of accessing products,
brands, and stores not available in their place of residence or work [24,25]. The online
commerce market is currently expanding, and buyers are trying to order their required
items, including food products, online [26,27]. Online buying and selling applications are
considered key tools in the development of businesses related to food product trade [28,29].

Unlike traditional advertising, e-commerce of food products represents an innova-
tive model of marketing conducted through online buying and selling applications and
platforms [30]. Social support for these platforms links e-commerce to the sale of farmer-
assisting agricultural/local products [31–34]. For example, during the COVID-19 pandemic,
e-commerce platforms significantly helped farmers sell food products through marketing
activities [35–37]. In other words, the effective use of these platforms helped reduce the
issue of accumulation and unsold agricultural food products in certain regions [38]. As
a result, the use of these platforms mitigated the pandemic’s impact on farmers and re-
duced their income losses. Around the world, various applications have been designed for
consumers so they can easily purchase food products without spending much time and
energy [39,40]. Given the development of internet infrastructure in many countries, sellers
and online businesses are trying to increase customer usage of these apps [41,42]. To that
end, identifying and investing in the factors that contribute to increased consumer intention
to use online shopping platforms and apps for food products is of great importance to
them [43–45].
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Iran is also one of the developing countries where the use of online food buying
and selling platforms holds significant importance [46,47]. For instance, in recent years,
numerous applications and platforms such as Snapfood, Changal and Chelivery, and others
have been developed for food commerce and have gained public acceptance [48]. However,
it is noteworthy that most of these online shopping platforms generally offer food products
produced and marketed by well-known companies [49]. In other words, rural and nomadic
populations, who typically produce local and natural food products, are often unable to use
these platforms to sell their products [50]. However, since 2020, an online platform called
Ashayershop has been launched by the Iranian Nomadic Affairs Organization, which is
specifically focused on the online sale of nomadic food products and even handicrafts.
This system has enabled nomads to avoid physically attending local markets to sell their
products. The platform functions in a way that allows nomads to access it, receive a code,
and continuously upload samples of their products and goods. During the COVID-19
pandemic, this food e-commerce platform helped nomads market a large portion of their
food products without having to travel to marketplaces, without incurring costs, and at
suitable times [51]. Although the use of this platform among local food producers and
consumers is rapidly increasing, it still has not achieved widespread popularity among
consumers compared to other online platforms. One possible reason may be the lack of
sufficient understanding of the predictors of consumer intention to purchase local food
products from this platform. More surprisingly, no study has been conducted in Iran
to identify and analyze the factors determining consumer intention to buy food online
through the Ashayershop platform. Given the importance of this issue, the present research
study aims to examine the determinants of consumer intention to purchase food online
through the Ashayershop platform in Iran.

This study is innovative and significant from several perspectives. First, it is themat-
ically novel, as no prior research in Iran has specifically examined the determinants of
consumers’ intention to purchase food products online through the Ashayershop platform.
Second, the findings offer valuable insights into the motivational factors driving consumers
to buy products produced by nomadic communities, which can, in turn, contribute mean-
ingfully to the economic empowerment of nomads. Supporting the nomadic economy in
Iran is particularly important, as these communities play a critical role in the production of
essential food items such as milk, meat, honey, and their derivatives—including yogurt,
cheese, and other dairy products. Identifying the determinants of consumer intention
to purchase such foods via Ashayershop could enhance the sustainability of nomadic
economies and thus strengthen food security in the country. Third, this research provides a
causal mechanism linking psychological and behavioral variables to online purchase inten-
tion, offering a framework for designing more practical and effective interventions aimed
at increasing consumer engagement with platforms like Ashayershop. In other words, the
results of this study can assist consumer behavior change agents, the nomadic community,
food policymakers, officials responsible for nomadic affairs in Iran, and economic planners
in identifying the key variables that shape consumer purchase intentions. These findings
also help inform the selection and sequencing of strategies to foster greater adoption of
online food shopping through Ashayershop. Fourth, by investigating the psychological
and social factors influencing online food shopping behavior, this study contributes to a
deeper understanding of consumer preferences and values. As such, it can provide useful
insights for nomadic producers and agricultural extension specialists in tailoring food
production to better align with consumer tastes and expectations.
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2. Theoretical Framework and Hypothesis Development
2.1. Theory of Planned Behavior

Various theories have been used to examine consumer intentions toward purchasing
different products, among which one of the most well-known is the Theory of Planned
Behavior (TPB) [52–54]. This theory was first introduced by Icek Ajzen in 1991 and is widely
recognized as a key framework for understanding consumer motivation in the domain of
food marketing [55–57]. TPB and its extended forms have been used by various researchers
to investigate consumers’ online purchasing behaviors [58–60]. It is worth noting that before
introducing TPB, Ajzen and Fishbein [61] developed the Theory of Reasoned Action (TRA)
to describe individuals’ thinking and predict their intentions and future behavior [62,63].
Attitude and subjective norms are the two core constructs of TRA [64,65]. Later, Ajzen
refined and extended this model in 1988 to address its limitations, and the new theory,
TPB, was formally introduced to the academic and global community in 1991 [66–70].
While TRA explains entirely voluntary behaviors, TPB accounts for behaviors over which
individuals may not have complete volitional control [62,63]. In other words, unlike TRA,
TPB acknowledges that not all behaviors—such as consumer actions—are fully voluntary
and under personal control. For example, an individual may have a strong intention to buy
food online but may refrain from doing so under specific circumstances. Therefore, actual or
perceived behavioral control can influence intention or moderate the relationship between
intention and behavior [67]. According to TPB, constructs such as attitude, subjective
norms, and perceived behavioral control can directly influence individuals’ intentions
(future behavior) [71]. The popularity of TPB is largely attributed to its remarkable ability
to explain individual behavioral intentions through a parsimonious framework consisting
of attitudes, norms, and control structures [52,72].

In this theory, the intention to purchase a product using online platforms refers to
an individual’s tendency to perform a specific action, or more specifically, the decision to
buy a product or service through various online platforms [73,74]. This variable essentially
reflects the possibility of purchasing a product based on personal evaluation and external
factors [73,75]. Purchase intention is a key factor in predicting consumers’ actual behav-
ior [73]. In fact, the intention to perform a specific behavior has a motivational impact on
actual behavior and serves as its immediate precursor [52]. According to TPB, the stronger
the intention to perform a behavior, the more likely it is that the behavior will be carried
out. It is worth noting that consumers’ purchase intention is shaped through a cognitive
process involving products or services. Therefore, studies related to consumers’ purchase
intention primarily analyze antecedent variables [76].

2.2. Development of Hypotheses
2.2.1. Attitude and Purchase Intention

Personal attitudes toward a behavior (such as online food purchasing behavior) refer
to the degree of favorable or unfavorable evaluation of that behavior from the individual’s
perspective [71,77–80]. This definition clearly highlights the emotional nature of attitude.
According to TPB, behavioral beliefs—referring to an individual’s internal beliefs about
the consequences of online purchasing behavior—can influence the formation of attitudes
toward the actual behavior [2,69,81,82]. These beliefs vary from person to person depend-
ing on factors such as prior personal experiences, personality traits, and the context in
which they live [2,83]. More specifically, numerous studies have supported the positive
relationship between consumers’ attitudes toward purchasing food and their preferences
and intentions [52,84,85]. For example, Sun [86] found that consumers’ attitudes toward
healthy eating were strongly influenced by their health concerns. Attitudes toward on-
line food purchasing via online platforms reflect customers’ thoughts and beliefs about
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the good (benefits) or bad (losses) outcomes of purchasing through online food delivery
platforms [85,87]. In this way, consumers estimate the value of online food services before
using them, so their attitudes toward the outcomes of using these platforms and their
online shopping experience are very important [88]. Accordingly, this study hypothesized
the following:

Hypothesis 1. Attitude toward online food purchasing from the Ashayershop platform has a positive
and significant effect on the intention to purchase food online from the Ashayershop platform.

2.2.2. Subjective Norms and Purchase Intention

Subjective norms describe the perceived social pressure to perform a particular ac-
tion [71,78,79,83]. Subjective norms regarding healthy food purchasing can significantly
help predict the intention to engage in healthy eating behaviors [8,52,69,88]. According
to the assumptions of the TPB theory, when consumers make purchases, they create a
self-image that others interpret [71,89]. Therefore, they confront the image they want others
to have of them [71,80,82,90]. Accordingly, this study hypothesized that:

Hypothesis 2. Subjective norms regarding online food purchasing from the Ashayershop plat-
form have a positive and significant effect on the intention to purchase food online from the
Ashayershop platform.

2.2.3. Perceived Behavioral Control and Purchase Intention

Perceived behavioral control refers to the perceived ease or difficulty of performing
a behavior such as online food purchasing [71,77,83,85,87]. Perceived behavioral control
is a variable added in TPB and represents the extent to which an individual perceives
control over performing the target behavior [69,78,81,82,89,91]. Accordingly, this study
hypothesized that:

Hypothesis 3. Perceived behavioral control regarding online food purchasing from the Ashayershop
platform has a positive and significant effect on the intention to purchase food online from the
Ashayershop platform.

2.2.4. Hedonic and Utilitarian Values with Online Purchase Intention

In addition to the three core variables of the TPB mentioned above, researchers have
recently introduced many other variables into this theory to enhance its explanatory power
in analyzing consumer purchasing behaviors. In other words, consumer intentions and
behaviors are generally based on values, which fundamentally act as intrinsic and personal
motives for purchasing a product [92]. Consumer values or orientations toward using
online food purchasing platforms are constructs that have received significant attention
from researchers [93]. Value can encompass broad economic and psychological components.
However, some researchers define it based on the “price” and “quality” of the purchased
product. Limiting the definition of value to price and quality may lead to errors in its
measurement [94–96]. Some researchers (see [88,93]) argue that food consumers when
purchasing food via online platforms may exhibit two types of value: hedonic value and
utilitarian value. Babin and colleagues [97] were the first to introduce this concept [92].

Generally, utilitarian value refers to the consumer’s overall evaluation of the functional
benefits of a product, while hedonic value is defined as the overall evaluation of the
experiential benefits. Products that mainly have aesthetic and symbolic features may
significantly influence hedonic choices, whereas the product’s functionality has a significant
impact on utilitarian choices [98]. Hedonic value stems from the pleasure experienced
during the purchasing process, while utilitarian value arises from obtaining the desired
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product during the purchasing process [99,100]. The impact of these values on consumers’
online purchase intentions have been supported by numerous studies [94,101–106]. It
should be noted that online food purchasing through delivery platforms can provide both
values to consumers [71]. However, some individuals may prioritize either hedonic or
utilitarian value more significantly [107].

Utilitarian value refers to the consumer’s overall evaluation of the functional advan-
tages and disadvantages of a product or service, such as food items. Consumers’ utilitarian
values have been described as functional, task-oriented, and based on rational logic [99]. In
other words, utilitarian values tend to dominate in planned purchases [107]. This value
applies to consumers who believe that an online platform can improve the efficiency of their
online shopping experience [73,108,109]. Utilitarianism refers to how a system or platform
can enhance the performance of a specific process, such as online purchase behavior. The
perceived functional value by customers is based on the practicality and evaluation of the
service, which mainly depends on intrinsic features such as taste, color, and texture, as well
as extrinsic features including price, brand, and the level of product or service advertising.
The combination of these factors can influence customers’ purchase intentions through
the construct of utilitarian value [76,110]. Consumers with utilitarian values seek the most
efficient ways to shop [99]. Rintamaki et al. [111] argue that saving money and conve-
nience are important components of utilitarian value for consumers. In other words, when
consumers find a product on sale, perceive the price to be lower than competitors, or can
complete their purchase effectively, their utilitarian value is strengthened [99]. Consumers’
perception of fair or unfair pricing significantly affects the strengthening or weakening of
utilitarian value and their purchase intention [73]. Chen et al. [88] state that both utilitarian
and hedonic values can act as direct predictors of online food purchase intentions from
online platforms within the TPB framework. Accordingly, in this study, these two variables
were added as new constructs to TPB that can directly influence consumers’ intention
to purchase food online from the Ashayershop platform, and it was hypothesized that
(Figure 1):

 

Figure 1. Research Model.
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Hypothesis 4. Utilitarian value in the context of online food purchasing from the Ashayershop
platform has a positive and significant effect on consumers’ intention to purchase food online from
the Ashayershop platform.

Hypothesis 5. Hedonic value in the context of online food purchasing from the Ashayershop
platform has a positive and significant effect on consumers’ intention to purchase food online from
the Ashayershop platform.

2.2.5. Mediating Effects of Hedonic and Utilitarian Values

Chen et al. [88] argue that utilitarian and hedonic values can mediate the relation-
ship between the variables of attitude, subjective norm, and perceived behavioral control
regarding online food purchasing from online platforms, and the intention to purchase
food online. Therefore, it can be claimed that the three variables—attitude, subjective
norm, and perceived behavioral control—have positive and significant effects on both
utilitarian and hedonic values [112]. Since attitude reflects an individual’s beliefs toward a
technology such as online shopping platforms, if consumers hold a positive attitude toward
purchasing food through an online platform, it can be expected that they will perceive
utilitarian and hedonic values in online shopping. Furthermore, social pressures or sub-
jective norms of consumers can also influence the formation of values based on hedonic
or utilitarian orientations. In other words, when consumers’ subjective norms generally
emphasize the enjoyable experience of online food shopping through online platforms, it is
expected that hedonic values will be strengthened. Conversely, if social norms focus on
the benefits of utilitarian aspects of purchasing food via online platforms, the likelihood of
strengthening utilitarian values increases. Moreover, perceived behavioral control—or the
degree of difficulty or ease in purchasing food via online platforms—can affect consumers’
beliefs regarding the pleasure and functional utility of using these platforms. For example,
when consumers perceive purchasing food through a platform as difficult, the hedonic and
utilitarian values associated with that platform may decrease. Conversely, if consumers
perceive the purchasing process as easy, it is expected that both hedonic and utilitarian
values will be enhanced. Based on this, the present study hypothesizes that:

Hypothesis 6. Utilitarian value positively and significantly mediates the effect of attitude toward
online purchasing on the intention to purchase online.

Hypothesis 7. Utilitarian value positively and significantly mediates the effect of subjective norm
toward online purchasing on the intention to purchase online.

Hypothesis 8. Utilitarian value positively and significantly mediates the effect of perceived
behavioral control toward online purchasing on the intention to purchase online.

Hypothesis 9. Hedonic value positively and significantly mediates the effect of attitude toward
online purchasing on the intention to purchase online.

Hypothesis 10. Hedonic value positively and significantly mediates the effect of subjective norm
toward online purchasing on the intention to purchase online.

Hypothesis 11. Hedonic value positively and significantly mediates the effect of perceived behavioral
control toward online purchasing on the intention to purchase online.
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3. Materials and Methods
3.1. Study Context

This study was conducted in Iran. The role of online buying and selling in Iran is
also growing. In recent years, with the increase in internet users and the advancement of
communication technologies, e-commerce in Iran has entered a new phase. The ability to
buy and sell various goods and services online, the speed and convenience of transactions,
easy access to information and price comparisons, secure payments, and after-sales services
are some of the advantages that e-commerce offers to customers and businesses in Iran.
Among these, the position of this business model within Iran’s nomadic communities
is particularly important because they generally have relatively limited access to direct
sales markets for their products. Meanwhile, demand for products from Iran’s nomadic
communities is rapidly increasing. One reason for this is that products from nomadic
societies are generally healthier. The approach of online commerce and buying and selling
their products via apps has created a new opportunity for the economic development
of these communities. Moreover, consumers seek the easiest ways to purchase the food
they need. Therefore, this study aimed to investigate and analyze the determinants of
consumers’ intention to buy local food online through one of the dedicated platforms for
buying and selling nomadic local food products in Iran.

3.2. Population, Sampling, and Data Collection

The statistical population of this study consisted of 900 consumers who purchased
local food products produced by nomads through the Ashayershop online platform during
the first quarter of 2024. These consumers made their purchases using this platform and
its features, which provide various advantages, characteristics, and information about
the products. The purchased items included cheese, yogurt, honey, kashk (fermented
whey), animal oil, medicinal herbs, herbal distillates, and more. While several of these
products, like milk and cheese, can be purchased in supermarkets, their online purchase
from Ashayershop represents additional values such as trust in the authenticity of the
nomadic production, higher quality, support of local producers, and cultural significance
associated with these items. In this sense, the geographical proximity of consumers to the
original producers is not the sole determinant; rather, the perceived value and symbolic
meaning of buying directly from nomads motivates online purchases.

Data were collected using a questionnaire designed by the authors themselves (a
researcher-developed instrument). Before the main survey began, several important steps
were taken to enhance the validity and accuracy of the data collection tool. First, the
draft questionnaire was reviewed by a panel of experts in business psychology, marketing,
consumer behavior, and e-commerce. This step was conducted by the first, second, and
third authors, and the experts assessed the questionnaire’s face and content validity. As a
result, items that were not relevant to measuring the study variables were removed, and
some questions were revised to improve clarity and ease of understanding for respondents.
In the second step, necessary coordination was made with the managers and officials of
the Ashayershop platform as well as representatives from the sales and customer service
departments to allow the authors to conduct preliminary assessments. Additionally, con-
versations were held with some platform users to gather their perspectives on potential
challenges and obstacles in online food purchasing. Throughout these conversations, users
indicated that freshness, the convenience of home delivery when time is short, and the
cultural uniqueness of nomadic food products were some of the primary reasons for or-
dering online, separating these products from typical supermarket alternatives. Third, the
questionnaire was piloted among a selected group of platform users to identify the time
required to complete it, understandability of the questions, and any possible barriers in the
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response process, allowing for final adjustments. Finally, in the fourth step, the target pop-
ulation of active Ashayershop users was identified, and a suitable sample size of 269 was
determined using the Krejcie and Morgan [113] table. This means that from the total popu-
lation of 900 consumers during the first quarter of 2024, a scientifically determined sample
of 269 individuals was drawn. The reason for not contacting all 900 consumers is that in
social science research, full enumeration is rarely feasible due to cost, time, and resource
limitations; therefore, a representative sample is selected to ensure both practicality and
methodological rigor. The sample size of 269 was not arbitrary but corresponds exactly to
the value recommended by the Krejcie and Morgan table for a population of 900, ensuring
statistical sufficiency and representativeness.

Sampling was carried out using a systematic random sampling method, where in-
dividuals were selected from an unranked list at regular intervals and in a specific order.
This method not only ensures a more even distribution of the sample across the population
but also provides greater accuracy compared to simple random sampling. The phrase
“more even distribution across the population” refers to the systematic spreading of se-
lected respondents across the entire consumer list rather than relying on random clustering,
ensuring that the sample captures the diversity of the population in terms of demographics
and purchase behavior. This was measured by maintaining consistent selection intervals
across the list, reducing the likelihood that certain subgroups (e.g., highly active users)
would be overrepresented. Even if the data collection was collected online, the risk of
interviewer error is inherently low in this method, but systematic random sampling was
still undertaken to mitigate other biases as much as possible, such as the risk of bias to-
wards highly active users or the risk of clustering with respondents that exhibited the
same purchasing attributes; by spreading selection evenly across the full consumer list,
systematic random sampling allowed for a high representativeness and limited the risks of
unintentional bias and improved the dependability of the resulting data. Structurally and
operationally, it is simpler to implement, reduces the likelihood of interviewer error, and
saves costs, making it especially suitable for field studies with budget constraints. Most
importantly, the 269 sampled respondents completed the questionnaire in full, meaning
a 100% response rate. Additionally, respondents participated voluntarily and could have
withdrawn at any time. Because all the participants completed the survey completely and
voluntarily, the risk of non-response bias is omitted, and therefore so is the risk of any bias,
validity or reliability with the data for analysis purpose. However, it’s important to keep
in mind that detailed demographic structures such as age, gender, or lifestyle patterns of
respondents were not systematically recorded in this phase, which limits the total analytic
depth of consumer segmentation.

However, to guard against selection bias due to limiting the sample to Ashayershop
consumers, there are a number of safeguards detailed below. First, systematic random sam-
pling provided assurance that each of the consumers in the target population had the same
probability of being selected to reduce the likelihood of certain sub-groups of consumers
being over represented. Second, a piloting and review process of the questionnaire was
conducted with the goal of clarity and to mitigate nonresponse bias. Third, while sampling,
demographic characteristics and usage behaviors of consumers were monitored to limit the
amount of homogeneity amongst the sample. Even though the study essentially focused
upon Ashayershop users, the above process mitigated selection bias and provided a repre-
sentative sample of the Ashayershop consumer base, which would ultimately increase the
reliability and generalizability of the study findings.
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3.3. Sample Demographics

In order to clarify the study sample, demographic data was also collected and is
presented. In terms of age, slightly more than one third (34%) of the respondents were
25–34 years; a little slower was 28% were aged 35–44 years of age; followed by 22% aged
18–24 years, and lastly 16% were 45 years or older. The gender makeup of the respondents
was close to equal at 52% female and 48% male. The results of the education level show
the majority of respondents reported 61% at least had a Bachelor’s degree; while the
remaining were 27% had a postgraduate degree and 12% did not continue or complete
secondary or vocational studies. Although there was variation in income levels among
respondents: 29% had corresponding monthly household income below the national
median, 41% had monthly household incomes identified as belonging to the middle-
income range, while 30% had monthly household incomes lying within the high-income
brackets, demonstrating a full-range of purchasing power. Based on the descriptive data of
the sample, 68% of respondents were situated in urban locales while 32% were distributed
semi-urban/rural spaces, indicating both concentrated and dispersed participation within
the digital marketplace. Also, 46% of respondents used Ashayershop 3–5 times per week,
with 31% reporting that they utilized the platform once per week, while the remaining
23% reported occasional use (once or twice a month). This demographic information helps
situate the findings and highlights how they were representative for the study of consumer
behavior in digital cultural markets.

3.4. Measures

Table 1 presents the instruments used to measure the main constructs of the study.
In this research, six key constructs of the conceptual framework were examined: attitude,
subjective norms, perceived behavioral control, hedonic value, utilitarian value, and
purchase intention. For each construct, between three to five items were developed,
most of which were adapted from previous studies such as Ryu et al. [114] and Hanzaee
and Rezaeyeh [115], or were self-developed and localized to fit the specific context of the
research. For items adapted from previous studies, a translation and back-translation
approach was utilized. A bilingual expert first translated the items into Persian, and then
another expert independently back-translated into the original language. The experts
discussed and settled any inconsistencies in the translated questionnaires. For items
that were self-developed or significantly adapted, back-translation was not necessary;
the items were developed in Persian and were culturally relevant and contextually
specific, content validity was assured. The “attitude” construct includes three items that
assess the consumer’s positive perception of purchasing from the Ashayershop platform.
Subjective norms, measured by three items, evaluate the influence of social pressure and
others’ expectations. Perceived behavioral control is assessed with three items focusing
on the ease or difficulty of purchasing from the platform from the consumer’s perspective.
Hedonic value comprises three items related to pleasure, excitement, and entertainment
during the buying process, while utilitarian value includes three items addressing
practical, economic, and health-related aspects of the products. Finally, the dependent
variable, purchase intention, is measured with five items that refer to repurchasing
intentions, recommending to others, and actively seeking purchase opportunities. This
item design is comprehensive in terms of content and structure and aligns well with the
theoretical literature on consumer behavior in the online environment.
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Table 1. Items used to measure the constructs.

Var. No. Items Source

Perceived behavioral control

Perceived behavioral control

[59]1 Buying local food products from the Ashayershop platform is easy for me.
2 I have sufficient control to easily make purchases from Ashayershop.
3 If I wanted to, I could easily buy from the Ashayershop platform.

Intention

Intention

[114,115]

1 I am willing to buy local food products from the Ashayershop platform again
2 I intend to use this platform to purchase food products in the future.
3 I recommend buying local food products from the Ashayershop to others
4 I actively look for opportunities to purchase from the Ashayershop platform
5 I am likely to make more purchases from Ashayershop in the future

Subjective norms

Subjective norms

[69]
1 Important people to me (family, friends) believe that I should purchase food products

from the Ashayershop platform.
2 There is social pressure for me to buy local food products online from Ashayershop.

3 I feel that others expect me to use the Ashayershop platform for purchasing
food products.

Attitude

Attitude

[69]
1 Purchasing local food products from the Ashayershop platform is a good choice.
2 Using the Ashayershop platform gives me a sense of satisfaction.

3 Overall, buying local food products online from the Ashayershop is a positive and
valuable experience for me.

Utilitarian Value

Utilitarian Value

[114,115]
1 Buying local food from the Ashayershop and its services is convenient and fast
2 Purchasing food through the Ashayershop platform is highly practical and economical

3 The Ashayershop platform offers a diverse menu of healthy and tasty local
food products.

Hedonic Value

Hedonic Value

[114]1 Buying local food from the Ashayershop platform is a pleasant, enjoyable, and exciting
experience for me

2 Using the Ashayershop platform gives me a good feeling
3 Browsing and shopping for local food through the Ashayershop is entertaining for me

With items adopted from existing studies, the decisions whether to keep, change or
eliminate certain items were guided by alignment with theoretical literature and contextual
relevance. Items that spoke directly to the construct of interest in the original scales and
captured a culturally relevant meaning were kept. Items that were unclear, contained
redundant wording, or were not relevant to the online purchase of local nomadic products
were amended for clarity or discarded. There were also several new items added that
captured contextual aspects, such as the historical and community aspects of the products.
This ensured that both the measures being used were valid and comprehensive in the
context of study. These steps, therefore, ensured that the final instrument maintained fidelity
to the theoretical constructs while being fully relevant to Persian-speaking consumers.

To minimize the potential for social desirability bias, a number of measures were taken
into consideration in designing the questionnaire and administering the survey. In the first
instance, the survey was carried out totally online and anonymously to preserve an aspect
of respondents’ anonymity and to ensure that their responses to survey prompts could not
be traced or associated with their identities. In the second instance, the researcher provided
clear directives indicating that there were neither ‘right’ nor ‘wrong’ answers, and told
respondents to answer in an honest manner as a matter of fact, concerning their experiences.
In the third instance, the researcher checked to see that the items were worded to avoid
suggestions or judgment that could pressure someone to answer in a socially favorable
manner. In the fourth instance, the researcher did provide voluntary participation in the
study with the indication that participants could quit the study at any time. These measures
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further reduced the potential of respondents providing ‘socially desirable’ answers, which
was particularly important for researchers studying authentic community and culturally
relevant products.

3.5. Reliability and Validity of the Measures

In this study, the reliability and validity of the measurement scales were thoroughly
examined to ensure that the instruments accurately and consistently captured the intended
constructs. Internal consistency reliability was assessed using Cronbach’s alpha coefficients,
which indicate the homogeneity and coherence of the items within each scale. Additionally,
composite reliability was calculated to confirm that each construct demonstrated sufficient
overall internal consistency. To establish construct validity, both convergent and discrim-
inant validity were evaluated. Convergent validity was assessed through the Average
Variance Extracted (AVE) index, which measures the extent to which items related to the
same construct share variance. Discriminant validity was evaluated using the Fornell-
Larcker criterion and HTMT to ensure that each construct was distinct and adequately
differentiated from the others. The results of these assessments, detailed comprehensively
in the findings section, confirm the soundness and reliability of the measurement tools
used in this research.

3.6. Data Analysis

The collected data were analyzed using Structural Equation Modeling (SEM) based
on the Partial Least Squares (PLS) approach. Several reasons justified the selection of this
analytical method. First, the primary objective of the study was to predict consumers’
intentions to purchase local food products online, which necessitated using a technique
capable of maximizing the explained variance by latent variables. PLS-SEM is considered
one of the most effective methods for achieving this goal. Second, according to Hair
et al. [116], PLS-SEM is highly suitable for analyzing complex or extended theoretical
models. Third, the user-friendly nature of PLS software makes it a popular choice among
researchers for its ease of implementation and interpretation. The analysis process involved
two key stages. The first stage focused on assessing the measurement model, aiming
to evaluate how well each indicator (item) explained its corresponding latent construct,
ensuring the validity and reliability of the measurement instruments. The second stage
involved assessing the structural model, where the relationships between latent variables
were tested. In this phase, the model’s predictive ability regarding the dependent variable,
i.e., purchase intention, was examined and validated. These two stages of analysis, along
with the reported model evaluation indices, provided a rigorous framework for data
analysis and supported the credibility of the study’s findings.

4. Results
In the present analysis, the assessment of internal consistency reliability and conver-

gent validity was undertaken using four primary measures; namely, Cronbach’s Alpha,
Composite Reliability (CR), Average Variance Extracted (AVE), and rho_A. Prior literature
indicates that values greater than 0.70 are acceptable for Cronbach’s Alpha and CR indicat-
ing adequate levels of internal consistency, and values greater than 0.50 for AVE indicate
acceptable levels of convergent validity [117,118]. The majority of constructs in this study
had values greater than these cut-off points, as presented in Table 2. The construct “inten-
tion toward buying online,” was consistent with a Cronbach’s Alpha = 0.828 and CR = 0.880
(and adequate AVE = 0.597). As shown in Table 2, hedonic value had similar psychometric
properties. Two constructs, attitude to online shopping (α = 0.574) and subjective norms
(α = 0.586), originally fell below the recommended threshold of 0.70. Subjective norms item
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SN3 was associated with a poor factor loading (0.223) and non-significant t-value (p = 0.084),
and so was deleted. After deleting SN3, the measurement model was re-estimated, and
the reliability and validity of the subjective norms construct were successfully resolved.
However, attitude” and perceived behavioral control still had both indicators showing
Cronbach’s Alpha scores below an appropriate cut-off. Consequently, these constructs
did not meet the cut-off recommendations. It is important to recognize that Cronbach’s
Alpha is sensitive to the number of items in a construct and often underestimates reliability
with few observed indicators. In these situations, an also better measure is CR and AVE
showed accurate measures of a construct’s quality, and both criteria for these constructs
were above appropriate cut-offs. Also, prior methodological literature describes that for
new or exploratory research, Cronbach’ alpha of 0.50 is acceptable for early stage research,
given the theoretical rationale and other reliability representations of the construct are
satisfactory [119]. In review, while attitude and perceived behavioral control have slightly
low alpha coefficients, the CR, AVE, and rho_A values suggest an acceptable degree of
internal consistency and convergent validity to be included in the model. Additionally, as
it was mentioned, perceived behavioral control (PBC) had a Cronbach’s Alpha of 0.612,
which is comparable to previous reporting of PBC—while below its ideal range (0.70),
still met minimum reliabilities with support of its CR and AVE values. Moreover, the
rho_A values, a more precise measure of construct reliability in PLS-SEM, were consistently
in acceptable range or slightly below in instances of less indicators. Thus, while minor
reliability concerns remain for attitude and perceived behavioral control, the theoretical and
methodological justifications outlined above support their retention, and the measurement
model adjustments effectively resolved the issues with subjective norms. Taken in totality,
the findings provide evidence of the internal consistency and convergent validity of the
measurement model. In conclusion, despite marginally being below ideal thresholds for a
few indicators, the measurement model demonstrates adequate psychometric soundness
enabling the researchers to proceed confidently to the structural model analysis.

Table 2. Measurement items and indicators of model fit.

Construct Cronbach’s Alpha Composite Reliability Average Variance
Extracted (AVE) rho_A

Attitude towards online shopping 0.574 0.778 0.538 0.574
Hedonic Value 0.717 0.841 0.638 0.728
Intention towards buying online 0.828 0.880 0.597 0.842
Perceived behavioral control in
online shopping 0.612 0.792 0.560 0.629

Subjective norms of online shopping 0.785 0.902 0.822 0.802
Utilitarian Value 0.735 0.850 0.654 0.734

Acceptable values for the reported indices: Alpha > 0.7; p < 0.01; CR > 0.7; and AVE > 0.5.

Table 3 provides the results of the measurement model, with standardized factor
loadings and t-values for all indicators measuring the latent constructs in this model. Over-
all, and for the majority of the indicators, the factor loadings exceeded a factor loading
threshold of 0.7 as suggested by Hair et al. [116]. Thus, indicating that the indicators are
good explanations for the respective latent variables. For example, all of the perceived
behavioral control (PBC), hedonic value (HV), utilitarian value (UV), attitude toward online
grocery shopping (AGF), and purchase intention indicators had acceptable, statistically
significant loadings (p < 0.001). In particular, the highest loading in the model is related
to SN1 (0.924) and SN2 (0.890) representing the concept of subjective norms. The only
discrepancy was found with SN3 (in initial running of the model) which loaded signif-
icantly lower at 0.223 with an associated t-value of 1.730 and was below the generally
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acceptable threshold (loading > 0.7; t > ±1.96). Therefore, it was eliminated from the model
and eliminating it form the analysis improved the model reliability and validity criteria
significantly. The second borderline example was PBC3 which had a factor loading of 0.665.
Although this is less than the ideal cutoff of 0.7 it is above 0.60 which is acceptable, provided
there is theoretical justification. Therefore, we kept this item in the analysis. In general,
the significant and high factor loadings, coupled with significant t-values, confirm that the
measurement model has good convergent validity and adequate reliability of indicators.
These results provide evidence that the items were appropriate for use in the subsequent
structural model test.

Table 3. Measurement items, Loading factors and T-value of the model.

Factors Indicators Loading Factor T-Value Significant Result

PBC
PBC1 0.786 27.826 0.001 Accepted
PBC2 0.788 19.151 0.001 Accepted
PBC3 0.665 11.302 0.001 Accepted

HV
HV1 0.835 13.152 0.001 Accepted
HV2 0.823 27.125 0.001 Accepted
HV3 0.766 30.594 0.001 Accepted

SN
SN1 0.924 67.859 0.001 Accepted
SN2 0.890 46.126 0.001 Accepted

UV
UV1 0.739 31.076 0.001 Accepted
UV2 0.827 35.047 0.001 Accepted
UV3 0.827 21.753 0.001 Accepted

AOS
AOS1 0.758 24.213 0.001 Accepted
AOS2 0.719 18.675 0.001 Accepted
AOS 3 0.723 17.898 0.001 Accepted

Intention

Intention1 0.722 18.943 0.001 Accepted
Intention2 0.646 10.156 0.001 Accepted
Intention3 0.836 35.696 0.001 Accepted
Intention4 0.842 31.658 0.001 Accepted
Intention5 0.798 24.141 0.001 Accepted

Acceptable values for the reported indices: all loadings > 0.7; p < 0.01; CR > 0.7; and AVE > 0.5; T value > ±1.9.

Discriminant validity is an essential characteristic of measurement models, because it
indicates that each latent construct in a theoretical framework is also empirically distinct.
Discriminant validity represents whether a construct is measuring a unique concept that is
not being captured by other constructs. This study used the Fornell–Larcker criterion and
HTMT to evaluate discriminant validity, which is a common, valid and established measure
in structural equation modeling. The Fornell–Larcker criterion states that the square root of
the Average Variance Extracted (AVE) for each construct should be greater than the correla-
tion coefficients representing the relation between that construct and all other constructs in
the model. Table 4 provides evidence of discriminant validity, which is when the diagonal
elements of the matrix (which are the square roots of Average Variance Extracted) are
higher than the corresponding off-diagonal inter-construct correlations (in their respective
rows & columns); for example, the square root of AVE for the construct “hedonic value” is
0. 799, which is greater than the constructs “utilitarian value” (0.435), “subjective norms”
(0.473), or “intention towards buying online” (0.593). Similarly, “perceived behavioral
control in online shopping” had a square root AVE of 0.749, higher than its correlation with
“attitude towards online shopping” (0.187), and “utilitarian value” (0.385). As found with
each construct, “intention towards buying online” demonstrated a strong squared root
AVE value of 0.772, higher than its strongest correlation (attitude—0.619).
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Table 4. Assessment of the discriminant validity.

Fornell–Larcker Criterion

1 2 3 4 5 6

Attitude towards online shopping 0.734 -- -- -- -- --

Hedonic Value 0.345 0.799 -- -- -- --

Intention towards buying online 0.619 0.593 0.772 -- -- --

Perceived Behavioral Control in
online shopping

0.187 0.507 0.527 0.749 -- --

Subjective Norms of online shopping 0.234 0.473 0.481 0.387 0.907 --

Utilitarian Value 0.455 0.435 0.601 0.385 0.327 0.809

Heterotrait-Monotrait Ratio (HTMT)

Attitude towards online shopping -- -- -- -- -- --

Hedonic Value 0.540 -- -- -- -- --

Intention towards buying online 0.882 0.772 -- -- -- --

Perceived behavioral contol in
online shopping

0.306 0.753 0.718 -- -- --

Subjective norms of online shopping 0.344 0.618 0.593 0.531 -- --

Utilitarian Value 0.693 0.596 0.753 0.569 0.419

The HTMT results confirm that the constructs exhibit acceptable discriminant validity
across constructs, as all values are under the upper limit of the threshold of 0.90. The
strongest relationship is between attitude towards online shopping and intention towards
buying online (0.882), followed by intention towards buying online and hedonic value
(0.772). Moderate correlations are shown between hedonic value and perceived behavioral
control (0.753), and intention towards buying online with perceived behavioral control
(0.718). The two weakest associations are attitude and perceived behavioral control (0.306)
and subjective norms (0.344). The results confirm that all constructs developed in the model
were well-separated and conceptually distinct from one another. Therefore, using the
guidelines proposed by Fornell and Larcker, it was shown that this study’s measurement
model achieves discriminant validity, which continues to enhance the overall construct
validity of research instrument, and confidence when utilizing statistical tests that examine
aspects of the structural model.

The findings in Table 5 and Figure 2 provide strong support for the structural model,
especially the direct effects of core psychological constructs on consumers’ intention to
buy local food products using online platforms. In terms of direct effects, attitude towards
online shopping was the most powerful predictor (β = 0.382, T = 8.846, p < 0.001), reflect-
ing the centrality of the favorable perceptions when forming behavioral intentions. This
finding is consistent with TPB, where attitudes serve as the cognitive basis of intention [77].
Similarly, hedonic value (β = 0.186, T = 3.592) and utilitarian value (β = 0.212, T = 4.804)
both had significant and substantial effects, suggesting that both emotional enjoyment and
practical gain from an online shopping experience are also valuable motivational premises
to consumer participation in this context. Perceived behavioral control (β = 0.222, T = 5.214)
and subjective norms (β = 0.148, T = 3.255) also had significant effects—suggesting that
consumers’ perceived ability to perform an online transaction and perceptions of social pres-
sures from important others contributed meaningful towards their intention to purchase
nomadic local food, using digital means.
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Table 5. Estimated effects on intention.

Hypothesis Direct Effects Indirect Effects p Value Result

Direct effects on Intention T Beta T Beta

Attitude towards online shopping → Intention
towards buying online 8.846 0.382 -- -- 0.000 Confirmed

Subjective Norms of online shopping → Intention
towards buying online 3.255 0.148 -- -- 0.001 Confirmed

Perceived Behavioral Control in online shopping
→ Intention towards buying online 5.214 0.222 -- -- 0.000 Confirmed

Utilitarian Value → Intention towards buying online 4.804 0.212 -- -- 0.000 Confirmed

Hedonic Value → Intention towards buying online 3.592 0.186 -- -- 0.000 Confirmed

Meditated indirect hypotheses

Attitude towards online shopping → Hedonic Value
→ Intention towards buying online -- -- 2.942 0.039 0.003 Confirmed

Perceived Behavioral Control in online shopping
→ Hedonic Value → Intention towards buying online -- -- 3.068 0.067 0.002 Confirmed

Subjective Norms of online shopping → Hedonic
Value → Intention towards buying online -- -- 2.511 0.053 0.012 Confirmed

Attitude towards online shopping → Utilitarian
Value → Intention towards buying online -- -- 3.644 0.079 0.000 Confirmed

Perceived Behavioral Control in online shopping
→ Utilitarian Value → Intention towards
buying online

-- -- 3.324 0.056 0.001 Confirmed

Subjective Norms of online shopping → Utilitarian
Value → Intention towards buying online -- -- 2.410 0.029 0.016 Confirmed

 

Figure 2. The PLS based SEM model with standardized path coefficients.
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In addition to these direct effects, the research also revealed that hedonic and utilitarian
values also mediate how upstream psychological drivers (attitudes, social norms and
perceived control) are transmitted into behavioral intention (Table 5). All six mediating
effects in the model were statistically significant, indicating that motivational values act as
essential cognitive-emotional conduits through which consumers interpret and respond to
online shopping influences. The indirect effect of attitude through hedonic value (β = 0.039,
T = 2.942) and through utilitarian value (β = 0.079, T = 3.644) reveal that attitudes not
only stimulate an evaluation in terms of enjoyment, but also in relation to task completion
with respect to online shopping that then lead to intention to buy. The same multi-faceted
indirect influences of perceived behavioral control and subjective norms led to intention
through hedonic and utilitarian values, suggesting that for individuals feeling they could
do it, or were socially sanctioned to do it, led to increased enjoyment and usefulness in the
process of online shopping. The significance and non-significance of these indirect effects
were assessed using a basic bootstrapping procedure with 500 resamples, applying the Bias-
Corrected and Accelerated (BCa) method at a 0.05 significance level. This approach provides
more reliable confidence intervals for mediation effects and strengthens the robustness of
the indirect effect testing. For the first time, the findings provide evidence that motivational
values are not just outcomes of cognition, but also can serve and be understood as mediators
in behavioral processes. Accordingly, the model presents a thinkers “layered” psychological
approach to modeling human behavior that is increasingly integrated within instrumental,
affective, and normative psychological frameworks to understand consumer behavior in
culturally significant and emerging digital food markets.

Figure 2 provides the R Square (R2) values for the three endogenous constructs of
hedonic value, utilitarian value, and intention towards buying online as an indicator of
explained variance, or in other words how much the variation in each of the dependent
constructs can be explained by the predictor variables in the structural model. R2 is a
measure of how well the linear regression equation predicts the changes in the dependent
variable. Statisticians categorized R2 values of 0.75, 0.50, and 0.25 as substantial, moderate,
and weak explanatory power, respectively. Within that classification, the R2 value for
intention towards buying online of 0.663 is moderate to strong which provides confidence
that approximately 66.3% of the variation in consumers’ intention towards buying local
food online was explained by the exogenous variables in the model including attitude, sub-
jective norms, PBC, hedonic value, and utilitarian value. For utilitarian value, R2 is 0.316,
whilst for Hedonic Value R2 is 0.389. Both should indicate moderate predictive utility.
These values indicate that the hypothesized antecedents utilized (attitude, PBC and sub-
jective norms) account for approximately 31.6% of the variance in utilitarian value and
approximately 38.9% in hedonic value. While these figures do not attain a substantial
increase for sufficient thresholds, they should still be seen as sufficient in behavioral and
marketing research contexts [116]. Additionally, the relatively close value of the R2 and the
Adjusted R2 across all three constructs provided an indication that the model does not have
a problem fit to the complexity of the model or with regard to overfitting. Ultimately, the
data indicate that this model is statistically adequate and has a degree of explanatory utility
in a practical sense, in predicting the online purchase intention towards local food products.

In Figure 2, the model is divided into two sections known as the measurement model
and structural model. The outer arrows (from the latent constructs to the indicators)
of the model depict the measurement model, while the inner arrows (from the latent
constructs to the latent constructs) differentiate the structural model. The arrows on the
measurement model represent the measurement of each latent variable (i.e., attitude,
subjective norms, perceived behavioral control, etc.) with its observed items (indicators).
The measurements (in the measurement model) are the factor loadings depicted on each
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arrow. The factor loading indicates the strength or reliability based on one indicator
and its underlying latent construct. The arrows on the structural model, indicating the
hypothesized relationships among the study variables, represent where the relationships
being tested fall into the structural model. The values shown on the structural model
arrows are the path coefficients indicating both the strength and direction of the effect of
one latent construct on another. Further to add insight into the model being examined
are the values shown inside some of the construct boxes, which are the R2 values. The
R2 values depict the amount of variance explained in the dependent variable by the
independent variables that predict it. Thus, if the R2 value is higher comparative to
another independent variable, then that independent variable represents a higher level
of variance in comparison to the other dependent variable construct meaning that this
independent variable has a stronger contribution to the model.

In order to evaluate the possible effect of Common Method Bias (CMB) in the model
(which includes attitude, subjective norms, perceived behavioral control, utilitarian value,
hedonic value and their direct effects on intention to purchase online) a marker variable
technique was employed. A marker variable is a theoretically unrelated variable added
into the model; in turn this is assessed to identify any significant parameters which may
have changed, as a result of method variance. As shown in Table 6, and with respect
to a threshold of 0.05 to identify CMB, the comparison of the marker variable against
the original model showed limited impact in terms of changes in the path coefficients,
as highlighted previously. The effect of attitude towards online shopping on intention
decreased marginally from 0.382 down to 0.364 (∆ = 0.018), and the effect of subjective
norms decreased from 0.149 downward to 0.132 (∆ = 0.016). The coefficient for perceived
behavioral control decreased from 0.222 to 0.189 (∆ = 0.033), Utilitarian value evidenced
diminishing returns from 0.212 to 0.196 (∆ = 0.016), and hedonic value evidenced similar
declines from 0.186 to 0.174 (∆ = 0.012). As all differences observed are small differences
(∆ < 0.05) and none of these impacts the statistical significance of the paths, this study does
not contend that CMB has severely impacted findings. In addition to this, acquiescence
bias (the propensity of respondents to agree with items with any content) was minimized
through the use of balanced scale construction to include positively and negatively worded
items. This method assisted in ensuring that the respondents were not able to agree
uniformly across all statements, minimizing the possibility that the results were inflated by
a response style rather than a meaningful assessment. The results of the structural model
are valid and reliable.

Table 6. Common method Bias (CMB) assessment though including a marker variable.

Direct Effects on Intention Beta (Original Model) Beta (Marker Variable
Included) Difference of Beta

Attitude towards online
shopping → Intention towards
buying online

0.382 0.364 0.018

Subjective Norms of online
shopping → Intention towards
buying online

0.148 0.132 0.016

Perceived Behavioral Control in
online shopping → Intention
towards buying online

0.222 0.189 0.033

Utilitarian Value → Intention
towards buying online 0.212 0.196 0.016

Hedonic Value → Intention
towards buying online 0.186 0.174 0.012
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Table 7 summarizes the effect sizes (f2) of the variables that positively influence
intention to purchase online. Based on Cohen’s (1988) benchmarks, attitude towards on-
line shopping is the most impactful variable, producing a medium-to-large effect size
(f2 = 0.2198), recognizing it as the most influential predictor of online purchase intention.
The small-to-moderate effect sizes of perceived behavioral control (f2 = 0.0712) and util-
itarian value (f2 = 0.0628) indicate that consumers’ perceived ability to shop online and
the utilitarian aspects of online shopping also add meaningfully, but to a lesser degree, to
intention. Hedonic value (f2 = 0.0392) and subjective norms (f2 = 0.0371) provide small
effect sizes, indicating enjoyment and social influence only slightly affect intention. The
results demonstrate that consumers are affected by a number of factors influencing online
purchase intention, yet, the attitude involving online shopping remains the dominating
influence.

Table 7. Effect sizes of the variable.

Direct Effects on Intention f2 (Variable Included) f2 (Variable Excluded) Effect Size

Utilitarian Value

0.663

0.634 0.0628
Hedonic Value 0.645 0.0392
Attitude towards online shopping 0.555 0.2198
Subjective norms 0.646 0.0371
Perceived behavioral control 0.630 0.0712

5. Discussion and Implications
The results of this study show the essential role of consumers’ attitudes towards online

shopping as the main predictor of their intention to purchase nomadic and local food
products on e-commerce sites such as Ashayershop and others. This is congruent with the
overarching premise of the Theory of Planned Behavior [77], which is backed by previous
empirical evidence in the e-commerce literature (e.g., [84,85]) that a positive attitude is
a strong predictor of purchase intention. If the consumer finds shopping on sites such
as Ashayershop efficient, enjoyable and trustworthy, they are more likely to accept such
services, especially with traditional nomadic food products. This highlights the necessity
for good user experiences and emotional trust in their delivery. Thus, business in this sector
should develop user interfaces that are user-friendly, visually appealing and culturally
connected to their customers, as well as emotionally appealing through design to customers’
values. Marketing communications that marketing reliance that draws on tradition and
the innovation of online shopping channels offers an added incentive to further promoting
consumers’ positive attitudes towards online purchase channels.

Hedonic value is also one of the significant factors that contributed to purchase inten-
tion, suggesting that consumers’ affective and experiential enjoyment of using Ashayershop
has an impact in this context. This corroborates the operationalization found in previous
research of hedonic motivations such as an emphasis on fun or pleasure (e.g., [88]), where
motives like entertainment and pleasure are stronger for non-utilitarian shopping. As
nomadic food products often have emotional and socio-cultural connections, the hedonic
aspect is especially important. Thus, this type of setting should promote rich storytelling,
visually engaging or immersive elements (e.g., videos of food being prepared), and cul-
turally relevant stories to deepen the consumers’ emotional shopping experience. Digital
aspects of engagement such as gamification, and community-based comments and reviews
to encourage hedonic perceptions of users to enhance purchase intentions would be ideal.
Also included was utilitarian value, meaning that the usefulness of online shopping such
as convenience, efficiency, and cost effectiveness was found to play a role here, as well.
While utilitarian value has been severely underrepresented in much of the mainstream
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e-commerce literature (e.g., [88]), the next round of research demonstrates that even in
markets where products are culturally significant, use-value is still a salient consideration.
Thus, once validated, sites like the Ashayershop need to showcase not only the distinctive-
ness and heritage of nomadic foods, they also need to stress their logistical advantages,
such as reliable payment methods, flexible delivery and pricing. A particular considera-
tion when serving semi-urban and rural communities is that in the case of limitations to
the infrastructure that would not allow for high reliability in delivery, and high levels of
transparency for transactions, still allows the Ashayershop to offer incremental increases in
perceived use-value.

Perceived behavioral control was identified as a key predictor of purchase intention,
meaning that consumers’ confidence in their ability to, take transactions on these platforms,
is really important. This finding is consistent with Ngo-Thi-Ngoc et al. [83] and Chilón-
Troncos et al. [84] and inconsistent with Dangelico et al. [120] in the past research. The
results of this section suggest a need to minimize perceived barriers in the customer journey.
When there is a lack of digital literacy or access, potential users may be put off by using
these platforms, especially for niche products like nomadic foods. To altogether reduce
any uncertainty in potential users, businesses should have simplified interfaces, perhaps
instructional videos in local languages and considerations for offline support services.
Businesses may also work with some rural cooperatives and local ambassadors to make it
easier for new customers to engage with the platforms.

The impact of subjective norms implies that social validation, and social influence
from significant others, is crucial to consumer decisions to purchase local foods online.
This aligns with the findings of Ngo-Thi-Ngoc et al. [83] and Chilón-Troncos et al. [84] that
social norms have particularly strong influence over intention adoption of consumers. In
traditional cultures, there is often community or family involvement in the purchasing
process, so endorsement from family, friends, or community leaders is paramount. There-
fore, online spaces should consider suggestions, testimonials, peer endorsement, as well
as collaborations with valued local ambassadors and influencers. Community education
campaigns, alongside endorsement from cultural communities, and chefs may build social
legitimacy for the practice of purchasing local foods and increase rates of adoption.

Critically, the research demonstrates that hedonic and utilitarian values are both medi-
ators in the relationship between psychological antecedents (attitude, perceived control,
and subjective norms) and purchase intention. This tabled mediation shows that even
when making future purchasing intentions, consumers act using cognitive or social factors,
but cognitive-affective valuations on the online shopping experience. Although prior
studies have already suggested that hedonic and utilitarian values can add depth to the
TPB framework (e.g., [88]), our results ground this extension in the cultural and heritage
food sector. In this space, hedonic and utilitarian values do not simply serve as additional
predictors, but act as mediating mechanisms of converting attitudes, subjective norms,
and perceived behavioral control into behavioral intention. It should also be further em-
phasized that there may be some conceptual overlap with utilitarian value and the idea
of “positive attitude,” due to utilitarian value’s functional nature; however, utilitarian
value is treated as a separate motivational construct in this study. That is, utilitarian value
acts as a mediator to direct the effect of broader patterns of attitudinal, normative and
control beliefs into purchase intention. This adds further consistency with terminology and
conceptualization in our study. Furthermore, our research sheds light on some boundary
conditions of the TPB extension: hedonic and utilitarian values are more consequential
within contexts involving products that are culturally or emotionally embedded, or are
consumed in a social context. When compared to other frameworks like the Technology
Acceptance Model (TAM) or Value-Belief-Norm (VBN) theory, the TPB with motivational
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values can provide a more thorough representation of both cognitive and affective factors
associated with intention, thereby interfacing social, emotional, and functional influences.
This provides additional insights into how motivational values work in markets where
cultural identity intersects with digital commerce. These findings also broaden the Theory
of Planned Behavior by highlighting motivational values as cognitive-affective conduits,
with the clear message that the platforms need to be able to transform changes in beliefs into
enriching emotional and functional experiences. An integrative approach across education,
social appeal, emotional appeal, and functional design will be important for increasing user
engagement in a more holistic manner.

An interesting implication of this mediation is the complicated connection between
subjective norms and hedonic value. Whereas the direct effect of social norms on intention
was revealed to be moderate, the indirect effects of social norms via hedonic and utilitarian
values were substantial. In other words, social norms can increase people’s emotional and
utilitarian perceptions of online shopping. Ultimately, if marketers can show that digital
shopping is socially acceptable and emotionally rewarding, for example, by depicting
families eating meals from these platforms in their advertising, they can enhance both
aspects of shopping and influence consumer intention.

In summary, these findings contribute to theoretical and practical understanding.
In theory, they challenge TPB by demonstrating how hedonic and utilitarian values are
functioning as mediators when specific cultural and social boundary conditions are taken
into account, and they provide a more integrative alternative to frameworks such as
TAM or VBN. In practice, they provide a framework that is actionable and will inform
differentiated strategies with applied implementation guidelines and KPIs for different
consumer segments. Future studies could examine these relationships in additional cultur-
ally grounded contexts and further investigate how digital transformation interacts with
heritage consumption in emerging markets.

6. Conclusions, Limitations, Future Direction
6.1. Main Conclusions

This study highlights the central role that consumers’ attitudes, perceived behavioral
control, and subjective norms have, in forming their intentions to purchase nomadic
and local food products online through sites like Ashayershop. The evidence further
establishes that both hedonic and utilitarian values, as positive attitudes, play a noteworthy
role in influencing consumers’ intention to purchase. Hedonic aspects are emotionally
or culturally derived attributes to being able to engage in the online robotic consumer
process, while utilitarian aspects like convenience and dependability help consumers
address their utilitarian requirements when purchasing these items. The mediating role
of the motivational values also adds some explanation to these consumer actions through
the lens of the Theory of Planned Behavior, identifying the role of cognitive and affective
characteristics. Ultimately, these findings have implications for e-commence businesses,
local food producers, and designers of policy that aim to assist the digitization of traditional
food markets to respond to consumers’ changing needs in a culturally laden context.

6.2. Study Limitations

This study has added to the body of knowledge regarding types of consumers associ-
ated with online food shopping, but certain limitations must also be addressed. First, the
sample used in this study was limited to users ordering from companies like Ashayershop
which may limit the generalizability to online food platforms in other places or providers
of different types of food, which includes agri-food and local food. So, the findings are
to be read context-specifically and not to assume [they represent] all of consumers or all
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of online food platforms making the findings somewhat a apocryphal. Second, we relied
on self-reported data which may present social-desirability bias in our answers or may
not fully capture actual purchasing behavior, so scope for strong causal inferences is lim-
ited. This is compounded by focusing only on nomadic and local food products without
exploring consumer behavior on a wider range of culturally wise products. Finally, as
digital commerce continues to evolve quickly in light of technologies that innovate and
promote new digital business models, the findings presented here may not reflect behaviors
modeled sharply by emerging technologies. Therefore, keeping abreast of trends, market
activity, and research developments in this area of study will be important. Moreover,
examining comparisons of active online users with a control group and/or comparisons
based on prior use of the online portal as a segmentation criterion would help to provide
greater understanding of consumer behavior. However, these analyses fall outside the
current manuscript length restrictions, and have been noted as limitations here instead. It
should be acknowledged that detailed individual-level demographic data (e.g., age, gen-
der, lifestyle) were not systematically collected, limiting the ability to analyze individual
variation in responses. The study presents aggregated demographic data for the sample,
which cannot be directly linked to individual cases. Furthermore, filter and segmenting
questions were not included, which restricts the multidimensionality of the analysis. These
factors represent limitations in understanding the full diversity of consumer behavior and
will be addressed more comprehensively in future studies.

6.3. Future Research Directions

Future research opportunities exist that could address the limitations of this study, as
well as building a deeper understanding of online food consumer behavior. Increasing the
sample size from different geographical regions, cultural backgrounds, and demographic
factors would potentially improve generalizability as well. Researchers could also make use
of longitudinal or behavioral data to better understand actual purchasing behavior rather
than depending solely on self-reported buying behavior over longer periods of time, as well
as providing stronger constraining causal interpretations of consumer behavior patterns by
identifying potential causal effects. On the other hand, the nature of collecting behavioral
or longitudinal data in rural and nomadic contexts poses some practical challenges, such as
lacking internet, seasonal mobility, and varying degrees of digital literacy. Researchers can
find solutions by using mobile survey software that can operate offline, and then through-
out the study, researchers will sync the surveys when there is connectivity; partnering with
a local community intermediary or platform manager to monitor anonymized purchasing
records longitudinally; or using mixed methods by coupling short-term digital tracking
(in a responsible way) with qualitative in-depth interviews. Researchers can also frame a
calendar timeline to engage people and to promote community engagement for continued
research participation over these longitudinal periods. It could also be interesting to explore
other product categories beyond food, while including both traditional and more contem-
porary categories of products to see how consumer engagement may differ, particularly
with regard to types of culturally important offerings. Finally, researchers could investigate
the impacts of other Iranian digital technologies such as sarvabab, Parsiano, Keshmoon,
and Sava platforms. Understanding how these innovative technologies and platforms are
impacting trust, engagement, and purchase intention could also help inform marketers and
developers of rural and nomadic digital food platforms. These more analytically related
approaches could generate a richer understanding of consumers’ continuously developing
and changing behaviors in the online food marketplace, and theoretically inform enthusi-
asts and practitioners on engagement, intention to purchase, trust or selection on the use
of platforms for reading food products. More specifically, future studies could include
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comparisons with a control group or categorize users based on prior full portal usage
frequencies. This would be a meaningful way of addressing the limitations noted, as well
as increasing understanding around online consumer behavior.
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53. Gidaković, P.; Zabkar, V.; Zečević, M.; Sagan, A.; Wojnarowska, M.; Sołtysik, M.; Arslanagic-Kalajdzic, M.; Dlacic, J.;
Askegaard, S.; Cleff, T. Trying to buy more sustainable products: Intentions of young consumers. J. Clean. Prod. 2024, 434, 140200.
[CrossRef]

54. Pradana, M.; Rubiyanti, N.; Marimon, F. Measuring Indonesian young consumers’ halal purchase intention of foreign-branded
food products. Humanit. Soc. Sci. Commun. 2024, 11, 150. [CrossRef]

55. McDermott, M.; Oliver, M.; Simnadis, T.; Beck, E.; Coltman, T.; Iverson, D.; Caputi, P.; Sharma, R. The Theory of Planned
Behaviour and dietary patterns: A systematic review and meta-analysis. Prev. Med. 2015, 81, 150–156. [CrossRef]

56. McDermott, M.S.; Oliver, M.; Svenson, A.; Simnadis, T.; Beck, E.J.; Coltman, T.; Iverson, D.; Caputi, P.; Sharma, R. The theory of
planned behaviour and discrete food choices: A systematic review and meta-analysis. Int. J. Behav. Nutr. Phys. Act. 2015, 12, 162.
[CrossRef]

57. Wang, W.; Yang, D.; Zheng, Y. How to believe? Building trust in food businesses’ consumers based on psychological contracts. Br.
Food J. 2024, 126, 1958–1980. [CrossRef]

58. Wibowo, N.E.; Widiastuti, T.D.; Junijanto, H.Y. The Influence of Theory of Planned Behavior, Brand Consciousness, and Perceived
Risk on Purchase Intention. Petra Int. J. Bus. Stud. 2024, 7, 113–124. [CrossRef]

59. Almrafee, M.; Akaileh, M. Customers’ purchase intention of renewable energy in Jordan: The case of solar panel systems using
an extended theory of planned behavior (TPB). Int. J. Energy Sect. Manag. 2024, 18, 457–473. [CrossRef]

60. Akhmaaj, A.A.M.; Sharif, M.O. The effects of planned behavior model constructs and technology acceptance model constructs
on online purchasing behavior: An empirical study on internet users in the Libya city of Tripoli. Technol. Soc. 2024, 79, 102687.
[CrossRef]

61. Fishbein, M.; Ajzen, I. Belief, Attitude, Intention, and Behavior: An Introduction to Theory and Research; Addison-Wesley: Reading,
MA, USA, 1975.

62. Sapry, H.R.M.; Ahmad, A.R. Theory of planned behavior (TPB) and theory of reasoned action (TRA) in halal technology study. In
Emerging Technology and Crisis Management in the Halal Industry: Issues and Recent Developments; Springer Nature: Singapore, 2024;
pp. 67–81. [CrossRef]

63. Mohd Zahari, H.; Mohammed Zain, R. The Impact of the Theory of Planned Behaviour (TPB) and the Theory of Reasoned Action
(TRA) on the Growing Field of Halal Technology. In Emerging Technology and Crisis Management in The Halal Industry: Issues and
Recent Developments; Springer Nature: Singapore, 2024; pp. 83–102. [CrossRef]

64. Park, E.; Lee, S.; Peters, D.J. Iowa wetlands outdoor recreation visitors’ decision-making process: An extended model of
goal-directed behavior. J. Outdoor Recreat. Tour. 2017, 17, 64–76. [CrossRef]

65. Rahma, B.; Kramberger, T.; Barakat, M.; Ali, A.H. Investigating customers’ purchase intentions for electric vehicles with linkage
of theory of reasoned action and self-image congruence. Bus. Process Manag. J. 2025, 31, 948–973. [CrossRef]

66. Valizadeh, N.; Bayat, S.E.; Bijani, M.; Hayati, D.; Viira, A.-H.; Tanaskovik, V.; Kurban, A.; Azadi, H. Understanding farmers’
intention towards the management and conservation of wetlands. Land 2021, 10, 860. [CrossRef]

https://doi.org/10.21511/im.20(2).2024.03
https://doi.org/10.1080/15378020.2024.2440677
https://doi.org/10.1016/j.dsm.2025.01.002
https://doi.org/10.1080/17538947.2023.2210313
https://doi.org/10.4018/IJMCMC.326129
https://doi.org/10.1108/BL-01-2020-0001
https://doi.org/10.1108/BFJ-02-2024-0142
https://doi.org/10.5304/jafscd.2020.093.019
https://doi.org/10.1016/j.foodqual.2019.103827
https://doi.org/10.1016/j.jclepro.2023.140200
https://doi.org/10.1057/s41599-023-02559-0
https://doi.org/10.1016/j.ypmed.2015.08.020
https://doi.org/10.1186/s12966-015-0324-z
https://doi.org/10.1108/BFJ-01-2023-0066
https://doi.org/10.9744/petraijbs.7.2.113-124
https://doi.org/10.1108/IJESM-01-2023-0002
https://doi.org/10.1016/j.techsoc.2024.102687
https://doi.org/10.1007/978-981-97-1375-2_5
https://doi.org/10.1007/978-981-97-1375-2_6
https://doi.org/10.1016/j.jort.2017.01.001
https://doi.org/10.1108/BPMJ-03-2024-0182
https://doi.org/10.3390/land10080860


Foods 2025, 14, 3468 26 of 28

67. Jowi, J.O. Deans in Kenyan Universities: Their Leadership Styles and Impacts on Staff Commitment. Ph.D. Thesis, University of
Twente, Enschede, The Netherlands, 2018.

68. Hagger, M.S.; Hamilton, K. Progress on theory of planned behavior research: Advances in research synthesis and agenda for
future research. J. Behav. Med. 2025, 48, 43–56. [CrossRef]

69. Zhao, X.; Fan, L.; Xu, Y. An investigation of determinants of green consumption behavior: An extended theory of planned
behavior. Innov. Green Dev. 2025, 4, 100198. [CrossRef]

70. Usman, B.; Rianto, H.; Aujirapongpan, S. Digital payment adoption: A revisit on the theory of planned behavior among the
young generation. Int. J. Inf. Manag. Data Insights 2025, 5, 100319. [CrossRef]

71. Papagiannidis, S.; Bourlakis, M.; Alamanos, E.; Dennis, C. Preferences of smart shopping channels and their impact on perceived
wellbeing and social inclusion. Comput. Hum. Behav. 2017, 77, 396–405. [CrossRef]

72. Fishbein, M.; Ajzen, I. Predicting and Changing Behavior: The Reasoned Action Approach; Psychology Press: New York, NY, USA, 2010.
[CrossRef]

73. Chung, J.F.; Al-Khaled, A.A.S.; Qushairi, Q.B.M. The Relationship Between Perceived Factors Related to Consumers’ Purchase
Intention Towards Online Food Delivery. Int. J. Innov. Creat. Change 2022, 16, 38–56. [CrossRef]

74. Wang, M.Y.; Zhang, P.Z.; Zhou, C.Y.; Lai, N.Y. Effect of emotion, expectation, and privacy on purchase intention in WeChat health
product consumption: The mediating role of trust. Int. J. Environ. Res. Public Health 2019, 16, 3861. [CrossRef]

75. Younus, S.; Rasheed, F.; Zia, A. Identifying the factors affecting customer purchase intention. Glob. J. Manag. Bus. Res. 2015, 15,
8–13.

76. Liu, P.; Li, M.; Dai, D.; Guo, L. The effects of social commerce environmental characteristics on customers’ purchase intentions:
The chain mediating effect of customer-to-customer interaction and customer-perceived value. Electron. Commer. Res. Appl. 2021,
48, 101073. [CrossRef]

77. Ajzen, I. The theory of planned behavior. Organ. Behav. Hum. Decis. Process. 1991, 50, 179–211. [CrossRef]
78. Serebrennikov, D.; Kallas, Z.; Thorne, F.; Ornelas Herrera, S.I.; McCarthy, S.N. Determinants of organic food purchase behaviour

in the European Union: A cross-country analysis guided by the theory of planned behavior. Br. Food J. 2024, 126, 3017–3036.
[CrossRef]

79. He, J.; Sui, D. Investigating college students’ green food consumption intentions in China: Integrating the Theory of Planned
Behavior and Norm Activation Theory. Front. Sustain. Food Syst. 2024, 8, 1404465. [CrossRef]

80. Samoggia, A.; Rossi, G.; Fantini, A.; Mouchtaropoulou, E.; Argiriou, N. What drives consumers’ intention towards fairness-
oriented products purchasing? An emotion-extended model of theory of planned behaviour. Heliyon 2025, 11, e41285. [CrossRef]

81. Dharmadji, J.S.; Prasetyo, Y.T.; Daniel, A.; Lin, H.M.; Cahigas, M.M.L.; Nadlifatin, R.; Gumasing, M.J.J. Willingness to eat seafood
among Taiwanese after the 2023 Fukushima radioactive water release: An extended Theory of Planned Behavior approach. Nucl.
Eng. Technol. 2025, 57, 103282. [CrossRef]

82. Shetu, S.N. Application of Theory of Planned Behavior (TPB) on fast-food consumption preferences among generation Z in Dhaka
City, Bangladesh: An empirical study. J. Foodserv. Bus. Res. 2024, 27, 320–355. [CrossRef]

83. Ngo-Thi-Ngoc, H.; Nguyen-Viet, B.; Hong-Thach, H. Purchase intention for vegan cosmetics: Applying an extended theory of
planned behavior model. Sage Open 2024, 14, 21582440241240548. [CrossRef]

84. Chilón-Troncos, R.F.; García-Salirrosas, E.E.; Escobar-Farfán, M.; Millones-Liza, D.Y.; Villar-Guevara, M. Predicting willingness to
consume healthy brand foods using the theory of planned behavior: The role of nutritional literacy. Front. Nutr. 2024, 11, 1353569.
[CrossRef] [PubMed]

85. Escobar-Farfán, M.; García-Salirrosas, E.E.; Guerra-Velásquez, M.; Veas-González, I.; Gómez-Bayona, L.; Gallardo-Canales, R.
Psychological determinants of healthy food purchase intention: An integrative model based on health consciousness. Nutrients
2025, 17, 1140. [CrossRef] [PubMed]

86. Sun, Y.-H.C. Health concern, food choice motives, and attitudes toward healthy eating: The mediating role of food choice motives.
Appetite 2008, 51, 42–49. [CrossRef]

87. Müller-Pérez, J.; Acevedo-Duque, Á.; García-Salirrosas, E.E.; Escobar-Farfán, M.; Esponda-Pérez, J.A.; Cachicatari-Vargas, E.;
Álvarez-Becerra, R.; De Fortoul, S.A. Factors influencing healthy product consumer behavior: An integrated model of purchase
intention. Front. Public Health 2025, 13, 1576427. [CrossRef]

88. Chen, H.S.; Liang, C.H.; Liao, S.Y.; Kuo, H.Y. Consumer attitudes and purchase intentions toward food delivery platform services.
Sustainability 2020, 12, 10177. [CrossRef]

89. Long, J.; Zaidin, N.; Mai, X. Social media influencer streamers and live-streaming shopping: Examining consumer behavioral
intention through the lens of the theory of planned behavior. Future Bus. J. 2024, 10, 80. [CrossRef]

90. Goffman, E. Relations in Public: Microstudies of the Public Order; Basic Books: New York, NY, USA, 1971.
91. Kim, E.; Lee, J.A.; Sung, Y.; Choi, S.M. Predicting selfie-posting behavior on social networking sites: An extension of theory of

planned behavior. Comput. Hum. Behav. 2016, 62, 116–123. [CrossRef]

https://doi.org/10.1007/s10865-024-00545-8
https://doi.org/10.1016/j.igd.2024.100198
https://doi.org/10.1016/j.jjimei.2025.100319
https://doi.org/10.1016/j.chb.2017.04.029
https://doi.org/10.4324/9780203838020
https://doi.org/10.53333/IJICC2013/16234
https://doi.org/10.3390/ijerph16203861
https://doi.org/10.1016/j.elerap.2021.101073
https://doi.org/10.1016/0749-5978(91)90020-T
https://doi.org/10.1108/BFJ-04-2023-0305
https://doi.org/10.3389/fsufs.2024.1404465
https://doi.org/10.1016/j.heliyon.2024.e41285
https://doi.org/10.1016/j.net.2024.10.044
https://doi.org/10.1080/15378020.2022.2086420
https://doi.org/10.1177/21582440241240548
https://doi.org/10.3389/fnut.2024.1353569
https://www.ncbi.nlm.nih.gov/pubmed/38638294
https://doi.org/10.3390/nu17071140
https://www.ncbi.nlm.nih.gov/pubmed/40218899
https://doi.org/10.1016/j.appet.2007.11.004
https://doi.org/10.3389/fpubh.2025.1576427
https://doi.org/10.3390/su122310177
https://doi.org/10.1186/s43093-024-00370-0
https://doi.org/10.1016/j.chb.2016.03.078


Foods 2025, 14, 3468 27 of 28

92. Ozturk, A.B.; Nusair, K.; Okumus, F.; Hua, N. The role of utilitarian and hedonic values on users’ continued usage intention in a
mobile hotel booking environment. Int. J. Hosp. Manag. 2016, 57, 106–115. [CrossRef]

93. Kumar, A.; Kashyap, A.K. Understanding the Factors Influencing Repurchase Intention in Online Shopping: A Meta-analytic
Review. Vision 2022, 16, 09722629221107957. [CrossRef]

94. Dedeoglu, B.B.; Bilgihan, A.; Ye, B.H.; Buonincontri, P.; Okumus, F. The impact of servicescape on hedonic value and behavioral
intentions: The importance of previous experience. Int. J. Hosp. Manag. 2018, 72, 10–20. [CrossRef]

95. Tynan, C.; McKechnie, S.; Chhuon, C. Co-creating value for luxury brands. J. Bus. Res. 2010, 63, 1156–1163. [CrossRef]
96. Park, J.; Ha, S. Co-creation of service recovery: Utilitarian and hedonic value and post-recovery responses. J. Retail. Consum. Serv.

2016, 28, 310–316. [CrossRef]
97. Babin, B.J.; Darden, W.R.; Griffin, M. Work and/or fun: Measuring hedonic and utilitarian shopping value. J. Consum. Res. 1994,

20, 644–656. [CrossRef]
98. Karunanayake, R.T.; Wanninayake, W.M.C.B. Impact of key purchasing determinants on purchase intention of hybrid vehicle

brands in Sri Lanka: An empirical study. J. Mark. Manag. 2015, 3, 40–52. [CrossRef]
99. Lee, C.H.; Wu, J.J. Consumer online flow experience: The relationship between utilitarian and hedonic value, satisfaction and

unplanned purchase. Ind. Manag. Data Syst. 2017, 117, 2452–2467. [CrossRef]
100. Holbrook, M.B.; Hirschman, E.C. The experiential aspects of consumption: Consumer fantasies, feelings, and fun. J. Consum. Res.

1982, 9, 132–140. [CrossRef]
101. Gardiner, S.; Grace, D.; King, C. The generation effect: The future of domestic tourism in Australia. J. Travel Res. 2014, 53, 705–720.

[CrossRef]
102. Ha, J.; Jang, S.S. Perceived values, satisfaction, and behavioral intentions: The role of familiarity in Korean restaurants. Int. J.

Hosp. Manag. 2010, 29, 2–13. [CrossRef]
103. Hyun, S.S.; Kim, W.; Lee, M.J. The impact of advertising on patrons’ emotional responses, perceived value, and behavioral

intentions in the chain restaurant industry: The moderating role of advertising-induced arousal. Int. J. Hosp. Manag. 2011, 30,
689–700. [CrossRef]

104. Kim, I.; Jeon, S.; Hyun, S. Chain restaurant patrons’ well-being perception and dining intentions. Int. J. Contemp. Hosp. Manag.
2012, 24, 402–429. [CrossRef]

105. Prebensen, N.K.; Rosengren, S. Experience value as a function of hedonic and utilitarian dominant services. Int. J. Contemp. Hosp.
Manag. 2016, 28, 113–135. [CrossRef]

106. Wang, E.S.-T. Do farmers’ market and specialty food store customers differ in the effects of perceived utilitarian and hedonic
shopping values? J. Mark. Channels 2014, 21, 77–86. [CrossRef]

107. Ozkara, B.Y.; Ozmen, M.; Kim, J.W. Examining the effect of flow experience on online purchase: A novel approach to the flow
theory based on hedonic and utilitarian value. J. Retail. Consum. Serv. 2017, 37, 119–131. [CrossRef]

108. Hu, Y.; Sun, X.; Zhang, J.; Zhang, X.; Luo, F.; Huang, L. A university student behavioral intention model of online shopping.
In Proceedings of the 2009 International Conference on Information Management, Innovation Management and Industrial
Engineering, Xi′an, China, 26–27 December 2009; IEEE: New York, NY, USA, 2009; Volume 1, pp. 625–628. [CrossRef]

109. Lai, E.; Wang, Z. An empirical research on factors affecting customer purchasing behavior tendency during online shopping.
In Proceedings of the 2012 IEEE International Conference on Computer Science and Automation Engineering, Beijing, China,
22–24 June 2012; IEEE: New York, NY, USA, 2012; pp. 583–586. [CrossRef]

110. Zeithaml, V.A. Consumer perceptions of price, quality, and value: A means-end model and synthesis of evidence. J. Mark. 1988,
52, 2–22. [CrossRef]

111. Rintamäki, T.; Kanto, A.; Kuusela, H.; Spence, M.T. Decomposing the value of department store shopping into utilitarian, hedonic
and social dimensions: Evidence from Finland. Int. J. Retail Distrib. Manag. 2006, 34, 6–24. [CrossRef]

112. Avcilar, M.Y.; Özsoy, T. Determining the effects of perceived utilitarian and hedonic value on online shopping intentions. Int. J.
Mark. Stud. 2015, 7, 27–49. [CrossRef]

113. Krejcie, R.V.; Morgan, D.W. Determining sample size for research activities. Educ. Psychol. Meas. 1970, 30, 607–610. [CrossRef]
114. Ryu, K.; Han, H.; Jang, S. Relationships among hedonic and utilitarian values, satisfaction and behavioral intentions in the

fast-casual restaurant industry. Int. J. Contemp. Hosp. Manag. 2010, 22, 416–432. [CrossRef]
115. Hanzaee, K.H.; Rezaeyeh, S.P. Investigation of the effects of hedonic value and utilitarian value on customer satisfaction and

behavioural intentions. Afr. J. Bus. Manag. 2013, 7, 818–825. [CrossRef]
116. Hair, J.F.; Risher, J.J.; Sarstedt, M.; Ringle, C.M. When to use and how to report the results of PLS-SEM. Eur. Bus. Rev. 2019, 31,

2–24. [CrossRef]
117. Hair, J.F.; Babin, B.J.; Ringle, C.M.; Sarstedt, M.; Becker, J.M. Covariance-based structural equation modeling (CB-SEM): A

SmartPLS 4 software tutorial. J. Mark. Anal. 2025, 14, 1–16. [CrossRef]
118. Selem, K.M.; Saghier, E.G.; Khreis, S.H.A.; Tan, C.C. ChatGPT-related risk patterns and students’ creative thinking toward tourism

statistics course: Pretest and posttest quasi-experimentation. J. Hosp. Tour. Educ. 2025, 313–328. [CrossRef]

https://doi.org/10.1016/j.ijhm.2016.06.007
https://doi.org/10.1177/09722629221107957
https://doi.org/10.1016/j.ijhm.2017.12.007
https://doi.org/10.1016/j.jbusres.2009.10.012
https://doi.org/10.1016/j.jretconser.2015.01.003
https://doi.org/10.1086/209376
https://doi.org/10.15640/jmm.v3n1a4
https://doi.org/10.1108/IMDS-11-2016-0500
https://doi.org/10.1086/208906
https://doi.org/10.1177/0047287514530810
https://doi.org/10.1016/j.ijhm.2009.03.009
https://doi.org/10.1016/j.ijhm.2010.10.008
https://doi.org/10.1108/09596111211217888
https://doi.org/10.1108/IJCHM-02-2014-0073
https://doi.org/10.1080/1046669X.2013.866066
https://doi.org/10.1016/j.jretconser.2017.04.001
https://doi.org/10.1109/ICIII.2009.156
https://doi.org/10.1109/ICSESS.2012.6269534
https://doi.org/10.1177/002224298805200302
https://doi.org/10.1108/09590550610642792
https://doi.org/10.5539/ijms.v7n6p27
https://doi.org/10.1177/001316447003000308
https://doi.org/10.1108/09596111011035981
https://doi.org/10.5897/AJBM11.728
https://doi.org/10.1108/EBR-11-2018-0203
https://doi.org/10.1057/s41270-025-00414-6
https://doi.org/10.1080/10963758.2025.2456638


Foods 2025, 14, 3468 28 of 28

119. Taber, K.S. The use of Cronbach’s alpha when developing and reporting research instruments in science education. Res. Sci. Educ.
2017, 48, 1273–1296. [CrossRef]

120. Dangelico, R.M.; Ceccarelli, G.; Fraccascia, L. Consumer behavioral intention toward sustainable biscuits: An extension of the
theory of planned behavior with product familiarity and perceived value. Bus. Strategy Environ. 2024, 33, 5681–5702. [CrossRef]

Disclaimer/Publisher’s Note: The statements, opinions and data contained in all publications are solely those of the individual
author(s) and contributor(s) and not of MDPI and/or the editor(s). MDPI and/or the editor(s) disclaim responsibility for any injury to
people or property resulting from any ideas, methods, instructions or products referred to in the content.

https://doi.org/10.1007/s11165-016-9602-2
https://doi.org/10.1002/bse.3774

	Introduction 
	Theoretical Framework and Hypothesis Development 
	Theory of Planned Behavior 
	Development of Hypotheses 
	Attitude and Purchase Intention 
	Subjective Norms and Purchase Intention 
	Perceived Behavioral Control and Purchase Intention 
	Hedonic and Utilitarian Values with Online Purchase Intention 
	Mediating Effects of Hedonic and Utilitarian Values 


	Materials and Methods 
	Study Context 
	Population, Sampling, and Data Collection 
	Sample Demographics 
	Measures 
	Reliability and Validity of the Measures 
	Data Analysis 

	Results 
	Discussion and Implications 
	Conclusions, Limitations, Future Direction 
	Main Conclusions 
	Study Limitations 
	Future Research Directions 

	References

