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Sentinel-1 data reveals unprecedented reduction of open water
extent due to 2023-2024 drought in the central Amazon basin
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Abstract

In 2023, an intense drought impacted the Amazon basin triggered by climate change and a strong
El Nino event, with the Negro River reaching its lowest water level in 120 years. However, the
spatiotemporal open water extent (OWE) during this drought remains unclear. This study
comprehensively evaluates OWE variability in the central Amazon using Sentinel-1 synthetic
aperture radar (SAR) data since 2017. Monthly OWE masks were generated through an empirical
threshold classification with accuracy >95%. Overall, the central Amazon experienced a reduction
of ~8% in OWE in the 2023 dry season months (November and December) when compared to
monthly-average. However, reductions of up to 80% in OWE were observed in several specific
lakes. Our analysis underscores the unprecedented severity of the 2023/2024 drought on rivers and
floodplains. Utilizing SAR remote sensing technologies, this study emphasizes the urgent need for
proactive conservation measures to safeguard the Amazon’s ecological integrity amid escalating
environmental challenges. Monthly water masks from January/2017 to September/2024 are
available here: https://doi.org/10.5281/zenodo.12751783.

1. Introduction

The Amazon basin, the largest tropical forest basin
in the world, represents one of the most important
freshwater environments, exporting about 15% of the
world’s freshwater discharge to the ocean and con-
taining the highest biodiversity on Earth (Castello
et al 2013, Junk 2013). It provides ecosystem ser-
vices preservation, carbon stock, community liveli-
hood and well-being, transportation, and food supply
(Junk 2013, Tomasella et al 2013). However, anthro-
pogenic pressures, such as climate change, dam con-
structions, illegal gold mining, deforestation, and
fires are threatening the basin (Nobre et al 2016). One
impact of these disturbances is the intensification
of extreme drought and flood events, which directly

© 2024 The Author(s). Published by IOP Publishing Ltd

affects freshwater environments, including changes
in water quality, floodplain nutrient supply, and
fish population (Castello et al 2013, Fassoni-Andrade
et al 2021). Extreme events have been increasing
in the Amazon with severe growth in the occur-
rence of flood events in the last 20 years when com-
pared to the 1920-2000 period (Barichivich et al
2018). In addition, Marengo and Espinoza (2016)
suggested that drought would intensify throughout
the 21Ist century, with an increase in high tem-
peratures, and in the length of the dry season
(Fuetal 2013).

In 2023, climate change and a strong El Nino
event (Espinoza et al 2024) triggered an unpreceden-
ted record-breaking drought in the Amazon, impos-
ing severe life risks and economic losses for more than
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30 million people who live in the region (Clarke et al
2024). The Negro River presented the lowest value
in more than 120 years (since measurements star-
ted) (Rodrigues 2023, Toreti et al 2023). Similarly,
Obidos station, located in the Lower Amazon region
(closer to Santarém, Pard), reached in October 2023
the lowest value since 1968 (ANA 2024). As rivers
are the primary water source for the floodplain
lakes, the drought had an extraordinary impact on
these ecosystems. The Tefé and Coari lakes (afflu-
ents of the Solimoes River) recorded the deaths of
more than 250 river dolphins related to the tem-
perature increase and water level reduction between
September and October 2023 (Rodrigues 2024). The
droughts in the Amazon had a significant impact
on fluvial transportation in cities and isolated com-
munities. This made navigation impossible in cer-
tain areas by increasing the distance to the water-
ways (Santos De Lima et al 2024). As a result, access
to food, healthcare, schools, and other basic ser-
vices were affected. Therefore, mapping the water
surface extent is essential to understanding drought
and flood patterns and their impacts on ecolo-
gical processes, carbon cycle, and natural hazards
management.

The recent advances in satellite remote sensing
technologies offer many complementary alternatives
for open water extent (OWE) mapping throughout
the Amazon (Fleischmann et al 2022, Enguehard et al
2023). Although optical data has been used to map
OWE (Pekel etal 2016), the use of such data is challen-
ging in Amazon due to the high cloud cover, mainly
during the high-water season (Martins et al 2018),
which prevents gathering information on OWE vari-
ability at high time frequency. To overcome this issue,
synthetic aperture radar (SAR) data has been used to
generate OWE maps for at least 30 years in Amazon
(Hess et al 2015, Fleischmann et al 2022). SAR act-
ive sensors operate in a wavelength that can penetrate
the clouds, producing reliable images regardless of
weather conditions. Methods used for OWE mapping
include thresholds (e.g. Otsu, fixed thresholds) (Liang
and Liu 2020, Pereira et al 2023a) to more advanced
techniques, such as Machine Learning (Wagner et al
2024). Despite being used for more than 30 years, the
applications of SAR in the Amazon for OWE genera-
tion were usually limited to a specific time (Chapman
et al 2015, Hess et al 2015, Rosenqvist et al 2020) or
to time series at specific basins (Pereira et al 2023a,
2023b, Wagner et al 2024). The lack of systematic
monitoring of Amazon OWE areas using SAR data
was connected to the limited availability of freely
access remote sensing images and the high comput-
ing costs for large-scale processing of SAR data. Before
the launch of Sentinel-1A in 2014, most SAR sensors
were not freely available to the public. The Sentinel-
1 is a European sensor (launched by European Space
Agency, ESA), equipped with a C-Band SAR sensor.

D A Maciel et al

First with limited coverage around Earth, it started
continuously monitoring of Earth with a 12 day
temporal resolution in 2017. In addition, the recent
advent of cloud computing platforms aligned with the
availability of pre-processed SAR data enabled large-
scale processing and time-series retrieval using these
sensors (Fleischmann et al 2022).

Despite that, a systematic monitoring system for
water extent in the basin still lack. Then, we are
still unable to fully understand the extension of the
2023 drought in the aquatic environments of the
Amazon. In this study, we comprehensively ana-
lyzed the spatiotemporal (2017-2024) dynamics of
the OWE areas within the Amazon basin, emphasiz-
ing the noteworthy 2023/2024 drought events. Using
seven years of freely available Sentinel-1 SAR data
(2017-2024), we processed more than 1500 images to
create monthly OWE masks for the central Amazon.
With this dataset, we observed the spatiotemporal
changes in water extent during the period. In this way,
we studied how water coverage changed over time and
sought to understand the impact of the 2023 drought
on water extent in the central Amazon.

2. Material and methods

2.1. Study area

This study provided a spatiotemporal analysis of
the OWE in the central Amazon (figure 1) using
Sentinel-1 SAR data. This region encompasses the
most important rivers and floodplains of the basin
(i.e. Amazon, Solimoes, Negro, Madeira, and Tapajos
rivers). These rivers and their floodplains are subjec-
ted to a high variability in flood regimes (Melack and
Coe 2021). The drought peak in the western regions
occurs generally between October and November,
whereas in the lower Amazon region, the eastern por-
tion, the drought peak occurs between November and
December (Junk et al 2010). There is considerable
variability in water quality and river sinuosity along
the Amazon River’s upstream, middle, and down-
stream reaches. Lakes in abandoned river meanders
(i.e. oxbow lakes) dominate the upstream region,
whereas the central area has Ria and shallow lakes.
In this study, we analyzed the OWE in two differ-
ent ways: first, mosaics were created for the central
Amazon region (figure 1) and time-series were calcu-
lated for all the study area. Then, we manually drew
boundaries of six lakes that are representative of their
location (i.e. location in relation to the basin, such as
in the upstream, central, and downstream reaches).
Coari, Piorini, Manacapuru, and Cabaliana Lakes are
tributaries of the Solimoes River. However, they are
in different sub-basins, representing different flood
patterns. Negro River reach was selected to account
for OWE changes in the Negro River Basin; Canagari
Lake accounts for changes in the medium reaches of
the Amazon and Curuai Lake accounts for changes
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Figure 1. Study area—Central Amazon Region. Colored circles refer to the lakes were time-series where detailed in figure 3,
section 3.2. Locations 1-6: (1) Coari Lake; (2) Piorini Lake; (3) Manacapuru and Cabaliana Lakes; (4) Negro River; (5) Canagari

Lake; (6) Curuai Lake.

in OWE in the downstream reaches of the Amazon
Basin.

2.2. Dataset used

2.2.1. Sentinel-1 SAR data

The classification of the OWE utilizing Sentinel-1
images was based on an empirical threshold method,
based on the Vertical-Horizontal (VH) polarization.
The first step involved selecting Sentinel-1 data avail-
able on the Google Farth Engine (GEE) platform.
We used the preprocessed Level-1 ground range
detected (GRD) scenes, provided as backscattering
coefficients in decibels (dB), ortho-corrected, and
with a 10 m spatial resolution. The preprocessing
steps included applying orbit files, removing thermal
noise, radiometric calibration, terrain correction, and
converting the data to dB using log scaling. Further
details are available in the Sentinel-1 Toolbox (https://
sentinel.esa.int/web/sentinel/toolboxes/sentinel-1).
and in Vanderhoof et al (2023). The Sentinel-1 GRD
data format has been used in several other studies
to map open water areas around large-scale locations
(DeVries et al 2020, Vanderhoof et al 2023). Although
launched in 2014, Sentinel-1 images between 2014
and 2016 did not have global coverage and were col-
lected only at specific locations. Therefore, these years
were excluded from the analysis. On average, 220
images for each Sentinel-1 tile were available for the
time-series analysis (a total of ~2800 images).

As Sentinel-1 has a C-Band sensor, it lacks
dossel penetration and is not able to distinguish
between flooded forests and non-flooded forests—as
it requires longer wavelengths. However, as the main
aim of this study is assessing the OWE during the low
water season, most of the water beneath the flooded
forest has already dried up. Therefore, estimations
of OWE are reasonable for the drought characteriz-
ation. Utilizing data available on the GEE platform,

we developed the OWE masks for the Amazon region
spanning the period from January 2017 to September
2024.

2.2.2. Validation samples

The algorithm validation was based on collecting
96000 samples over the central Amazon between
2017 and 2021. The collection of the validation
samples was based on the Pekel et al (2016) monthly
water masks over the Amazon Region. The Pekel’s
water masks are generated using cloud-free Landsat
data and are one of the most used satellite water
products. The Pekel’s occurrence maps provided
a reliable baseline for identifying water areas and
excluding outliers (e.g. soil, shadows, etc) as it is based
on a ~40 years’ time-series of Landsat data (1985—
2021). In addition, the usefulness of the Pekel’s mask
for data labelling of water areas was recently demon-
strated by Mayer et al (2021). For the water and non-
water samples collection, for each month between
2017 and 2021, we randomly generated stratified 2000
points (i.e. 1000 for water and 1000 for non-water)
to validate the threshold classification method. After
that, we compared the validation samples with the
classified image for each of these months and calcu-
lated validation metrics. More details are available in
section 2.3.3.

2.3. SAR classification method

2.3.1. Model development

To generate the water masks, we selected a threshold
of —23 dB based on VH polarization (i.e. values
lower than —23 dB were classified as water areas)
(equation (1)). The threshold selection was based on
an analysis of a one-year time series (2022-2023)
within the Curuai Floodplain in the Lower Amazon
Reach (figure 1) (Pegolo 2024). One year was selec-
ted to capture the hydrological variability (i.e. all sea-
sons) along the study area. We selected this region
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because it can be considered a representative part of
the Amazon floodplain lakes, with a high variability in
the water level along the hydrological year (Bourgoin
et al 2007), and presenting different land use and land
cover classes (Rend et al 2011). For the threshold cre-
ation, we downloaded all the Sentinel-1 images avail-
able (34) for 2022 in the VH polarization. After that,
we extract the values of all pixels in each image and
calculated the mixed histogram (i.e. one histogram
for all images together). From this histogram, we cal-
culated the threshold with the higher intra-class vari-
ance by using the Otsu thresholding method (Otsu
1979) (i.e. better separability). This calculation resul-
ted in the value of —22.58 dB, which was rounded to
—23 dB.

\Y
v

—23 dB; Class = Water

H <
H > 23 dB; Class = Non — Water. (1)
2.3.2. Mosaic creation

We created monthly water mask mosaics for the time-
series analysis of OWE (e.g. a mosaic for January
2018). This process entailed generating a mosaic
for the central Amazon for each month (January-
December) spanning January 2017-September 2024.
Some of the acquisitions between 2017-2024 failed
or were unavailable in the GEE for mosaic creation,
causing a reduction in water areas. Therefore, these
months were excluded in the evaluation of time-
series and water areas (6 dates, 7% of the total).
For the mosaic creation, we selected the minimum
dB value of each pixel at each month (~2-3 images
per month), because water targets typically exhibit
low backscattering values. Subsequently, water masks
were derived for each month based on the —23 dB
VH threshold defined in section 2.3.1. We refined
the accuracy by masking misclassified areas outside
the possible water regions by using the Pekel et al
(2016) water occurrence maps by removing pixels
with water-probability lower than 5% (i.e. pixels clas-
sified as water in less than 5% of Landsat images
used in Pekel’s). Then, following outliers’ removal,
the time series of surface water extent was analyzed
in the entire study area (i.e. the central Amazon) and
for the selected lakes, as illustrated in figure 1.

2.3.3. Model validation

The validation of the water mask mosaics was car-
ried out using the validation samples collected using
the Pekel et al (2016) water mask as a reference, as
described in section 2.2.2. The validation metrics cal-
culated to assess model accuracy were the overall
accuracy (OA), user’s and producer’s accuracies, as
well as the omission and commission errors (Fisher
et al 2016). These metrics allowed us to validate the
model performance against a well-established dataset.

D A Maciel et al

3. Results

3.1. Algorithm validation

For the threshold method validation, we used 96 000
samples collected between 2017-2021 with the Pekel’s
water mask as a reference. The OA presented high val-
ues (96.81%), indicating the high agreement between
the classified water mask versus Pekel’s reference.
When we look at the confusion matrix, we can see
that there are more false negatives (water classified
as non-water) than false positives (non-water classi-
fied as water). Omission and commission errors for
water class were 6.02% and 5.70%, respectively. User
and Producer accuracies were higher than 94% for
both classes, indicating a high agreement in the model
results.

3.2. Time-series evaluation

The analysis using Sentinel-1 SAR data allowed us
to understand spatiotemporal patterns of OWE in
the central Amazon. Time-series analysis between
2017 and 2024 showed that the months with the
lowest OWE are November and December (see red
lines in figure 2). In contrast, the month with the
highest OWE accounted for June and July, which
is in accordance with water level variation in this
region (Fleischmann et al 2023). Since 2017, two
years had values higher than the average + stand-
ard deviation (2019-2020 and 2021-2022), in accord-
ance with extreme flood events reported recently
(Espinoza et al 2024). In relation to drought events,
only the 2023-2024 drought presented values below
the average £ standard deviation.

Regarding the temporal variability, in November
and December 2023 the OWE was the lowest con-
sidering the analyzed time-series. In addition, after
reaching the lowest values in November/December
2023, the OWE continued to be lower than the
average £ standard deviation until September 2024,
indicating that the impacts of drought are still
visible in 2024, and even worse. In comparison,
September/2023 had an OWE of 55 414 km? and the
OWE for September/2024 was 51775 km? (a reduc-
tion of 3639 km?), indicating that the 2024 year would
be worse than the record-breaking 2023 drought.

A reduction of 9.72% (4458 km?) was observed
for December 2023 and a reduction of 7.18%
(3324 km?) was observed for November 2023 when
comparing monthly data with average monthly data
(i.e. OWE for November 2023 vs averaged value for
November). In November 2020 (the 3rd lowest OWE
area between 2017-2024), the reduction compared
with average November OWE was 4.7% (2345 km?).
This demonstrates that the 2023 drought presented
values up to 2000 km? higher in dry areas than 2020
(e.g. 4458 km? for December 2023 vs 2345 km? for
November 2020). In addition, when compared to
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Figure 2. Time-series of OWE areas in the study area between January/2017 and September/2024. Blue lines refer to the
time-series of open water areas, red lines refer to the monthly average, and shaded beige refers to the mean = standard deviation

of the monthly average.

mean OWE time-series, December 2023 presented an
OWE reduction of 16.7%, or 9195.95 km? (an area
equivalent to 3 times Paris urban area). When the
maximum water extent was compared, the reduc-
tion was 25.01% (15 293.41 km?). In addition to the
water area mapping in drought periods, the OWE also
showed the flood years in Amazon, such as the 2019—
2020 and 2020-2021 extreme flood events (Espinoza
etal 2022).

We observed a distinctive drought pattern
between the western and eastern regions of the
Amazon (figure 3), due to the high size of the basin
(Marengo and Espinoza 2016). The western region,
upstream of the Madeira and Amazon rivers conflu-
ence (figures 3(a)—(d)), experienced the lowest values
in November 2023. In contrast, for the remaining
areas, (i.e. the eastern region), lowest values were
reached in December 2023 (figures 3(e) and (f). This
time-series exemplifies the selected locations’ tem-
poral patterns that typifies the Amazon basin flood
regime. Piorini Lake (figure 3(b)), located in a trib-
utary of the Solimoes River, had the highest relat-
ive reduction (79.74%) in the OWE compared to
the average November values (~200 km? of reduc-
tion). In another Solimodes River tributary, Coari
Lake, the water area in November 2023 (figure 3(b))
was nearly 300 km? below the average values for
November (a reduction of 50.06%). The Manacapuru
and Caballana lakes also presented a high reduction
in OWE for November 2023 compared to the aver-
age November values (64.23% reduction, ~300 km?;
figure 3(c)). In the segment of the Negro River eval-
uated here, there was a decrease of about 400 km? in

November 2023 compared to the average values for
that month (20.38% of reduction in the water surface;
figure 3(d)). Moving downstream the Amazon basin,
Canagari Lake exhibited a decrease of 200 km? com-
pared to the December average (71.48% of reduc-
tion; figure 3(e)), while Curuai Lake experienced a
substantial decline of approximately 500 km* com-
pared to the typical values for that month in the lake
(40.28% of reduction; figure 3(f)).

3.3. Spatiotemporal analysis of 2023 drought

In addition to the 2023 drought, we selected another
significant drought event that occurred in the 2020-
2021 hydrological year for a comparative spatiotem-
poral analysis (figure 4). This event marked the
second worst drought event (i.e. comparing the
hydrological years) since the start of continuous mon-
itoring with Sentinel-1 over the Amazon (as illus-
trated in figure 2). Notably, the extent of dry areas
during the 2023 drought surpassed that of November
2020, as shown in our time-series analysis. These crit-
ical months experienced a substantial reduction in
water surface areas and experienced the transform-
ation of numerous expansive floodplains and reser-
voirs into partially or entirely dry areas (figure 4).
The impacts on the Solimoes River and its tributaries
were profound, evidenced by a significant decrease in
water levels during the 2023 drought compared to the
2020 dry season and the peak water area observed in
2021. A previous study documented that 2023 recor-
ded below-average rainfall in the headwaters of the
Solimoes, Purus, and Jurud Rivers, contributing to
the extraordinary reduction in water areas observed
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Figure 3. Time-series of OWE between January/2017 and September/2024 in the analyzed lakes (Red circles in figure 1). Blue lines
refer to the time-series of open water areas, red lines refer to the monthly average, and shaded beige refers to the mean =+ standard
deviation of the monthly average.

in November 2023 within that region (Toreti et al
2023).

Furthermore, despite belonging to a different sub-
basin, the Negro River was also influenced by the
reduction in rainfall and above-average temperatures,
resulting in a decrease in OWE compared to the
average mean water area (Toreti et al 2023). This
extreme event presents a significant threat to the
entire region, since the Negro River at Manaus Station
reached the lowest water level in 120 years. Due to the
inundation patterns and the vast dimensions of the
basin, the drought conditions that started upstream
in November 2023 were observed downstream in
December 2023 (in the lower Amazon). A larger
drought area in 2023 than in 2020 was observed for
the two regions, as illustrated in figure 4.

4. Discussions

Our spatiotemporal analysis utilizing Sentinel-1
SAR data unveiled the extent of the 2023-2024
drought on OWE dynamics in the Amazon Basin.
Although simple, our proposed VH polarization
threshold method performed well for the study area,
based on up to 100000 validation samples collec-
ted along the central Amazonia. The model’s per-
formance was higher than 95%, indicating a high
accuracy in creating water masks. The perform-
ance of our model was similar to other complex
machine learning algorithms applied in other envir-
onments. For example, Vanderhoof et al (2023)
used a Gradient Boost machine learning method
to map open water areas in the United States and
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Figure 4. OWE in different locations in the central Amazon, considering the two worst droughts recorded in the Amazon region

Table 1. Confusion matrix for predicted vs reference (Pekel’s Water Mask) classification.

Sample reference

Prediction Non-water ~ Water  Total User accuracy Commission error
Non-water 47 827 2,892 50719  94% 6%

Water 173 45108 45281  99.9% 0%

Total 48000 48000 96000  Overall accuracy  96%

Producer accuracy ~ 99.9% 94%

Omission error 0% 6.02%

obtained omission/commission errors of 3.1% and
0.6%. Using Deep Learning techniques, Mayer et al
(2021) found an overall accuracy of ~93% for OWE
in Cambodia.

These accuracies highlight the usefulness of the
threshold approach, aligned with an evaluation of
several Sentinel-1 images to create the histogram
used for the threshold derivation. In addition, as
being a simple method that does not require high
computational power such as deep learning meth-
ods (Wagner et al 2024), our proposed approach
could be used in applications (i.e. a smartphone
app) for near-real-time OWE monitoring through-
out Amazon. Although the high accuracy observed,
we point out some limitations of this approach,

which are mainly connected to an underestimation of
water areas (see table 1). This underestimation could
be connected to weather-related conditions, such as
strong clouds (i.e. thunderstorms) and wind-induced
waves (Benninga et al 2019), that increases the SAR
backscattering by changing surface roughness and
atmospheric conditions. Another observed limitation
was the lack of Sentinel-1 images at some dates, due
to changes in the imaging plans related to the failure
of Sentinel-1B in December 2021 (Woodhouse 2022).

The 2023-2024 drought, which was triggered by
the above-average temperatures and a reduction in
precipitation due to a strong El Nino year (Espinoza
et al 2024), reduced by more than 8% the OWE area
in the central Amazon when compared to the average
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OWE for November and December. These months
emerged as the epicenter of severe droughts, sur-
passing monthly average water areas across the cent-
ral Amazon (a reduction in 4458 km? for December
2023 compared to the average December OWE).
According to Espinoza et al (2024), temperature
anomalies in 2023 were the highest since 1980 for
August, September and October (1.8 °C, 2.2 °C,
and 2.7 °C higher, respectively). The reduction in
OWE during the 2023 drought exceeded the sever-
ity of previous events, including the 2020 drought.
Furthermore, our comparative analysis highlighted
the transition of previously flooded areas into dry
zones during the 2023 drought, highlighting a sub-
stantial difference in both percentage and area (up
to 80%). Extensive floodplains, reservoirs, and trib-
utaries of the Solimoes River, such as Piorini (79.74%
reduction in OWE) and Coari (50.06% reduction
in OWE) Lakes, and the Manacapuru River mouth
(64.23% reduction in OWE), were observed par-
tially or almost dry during this period. In the lower
Amazon region, Curuai Lake presented a reduction of
40.28% in the OWE compared to December average
values.

It is important to note that the reduction in
the OWE has not yet recovered, as the 2024 year is
still presenting below average OWE (~4500 km? for
September/2024 compared to average September).
The below average + standard deviation should be
treated as a warning, as the Amazon region is not yet
at the peak of the dry season (November/December)
and the OWE could be lower than the observed in
2023. An indication of this is that Lake Coari, the
most upstream lake assessed, already has an OWE for
11 September 2024% lower than 2023 (~77 km?).
It was demonstrated that memory effects can carry
over seasonal anomalies from one season to another
in the Amazon, increasing the time needed to recover
to OWE average values (Tomasella et al 2008, Pfeffer
et al 2014). Moreover, below average precipitation in
the Amazon region were reported for the first months
of 2024 (Senna et al 2024), increasing the impacts
of the drought and reducing the availability of
water.

This reduction in OWE poses a significant threat
to Amazon ecosystems. Life within these ecosys-
tems heavily depends on water for sustaining popu-
lations, diverse fauna, and rich flora (Junk et al 2010,
Householder et al 2024). One notable impact of the
anthropogenic pressures faced by the Amazon basin
is observed in the increase frequency of extreme flood
and drought events (Marengo and Espinoza 2016,
Barichivich et al 2018, Garcia et al 2018, Espinoza et al
2022). The impacts of drought extend beyond fresh-
water ecosystems and biodiversity. In Amazon flood-
plains, Householder et al (2024) showed that one-
sixth of the Amazon trees are ecologically specialized
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in floodplain habitats, demonstrating the importance
of these freshwater environments for biodiversity
conservation. The droughts’s impact on forest envir-
onments was recently demonstrated by Lapola et al
(2023), in which the authors showed that drought
events could be the dominant cause of carbon emis-
sions associated with forest degradation in future
scenarios. The rise in extreme drought events also
increases the risk of drought-induced forest fires.
Aragao et al (2018) observed a 36% increase in fire
incidence during the 2015 Amazon drought com-
pared to the previous 12 years. Similarly, during the
2023 drought, fire events increased by 32% in October
compared to the October historical mean from 1998
to 2023 (INPE 2024). These threats could push the
Amazon Forest past its tipping point (Lovejoy and
Nobre 2018).

Furthermore, extreme drought events are con-
nected to fish death events, which affects food sup-
ply and income to the local population (Hurd et al
2016). The increase in fish deaths due to these extreme
drought events are a threat for the local Amazon
population, as recent studies are demonstrating a
reduction in the fish stock in Amazon lakes in a
consequence of overfishing pressures (Pereira et al
2023a). Drought events on the Amazon also affect
people’s everyday life, mainly in riverine communit-
ies, as it reduces or stops river transportation, that are
essential for people access school, healthcare services,
as well as essential goods such as food, fuel and medi-
cine (Santos De Lima et al 2024). Therefore, under-
standing how drought affects freshwater ecosystems
and its availability, as well as deciphering past flood
and drought patterns in the basin, are crucial for pre-
dicting and mitigating future challenges (Flores et al
2024, Householder et al 2024).

5. Conclusions

Using Sentinel-1 SAR data, we were able to develop
a threshold model to map the OWE in the central
Amazon Basin. The results presented accuracy higher
than 95%, indicating the high performance of the
proposed algorithm. We observed that the reduc-
tion in OWE was of ~8% for the 2023 dry sea-
son when compared to average dry season OWE’s
areas. In specific locations, this reduction was up to
80%, such as Piorini Lake. These findings under-
score the intricate impacts of the 2023 drought on
water resources across the Amazon Basin, reveal-
ing not only a reduction in water surface areas
but also the transformation of previously inundated
regions into dry landscapes. We also highlight that
following the projections, the dry season of 2024
(November/December) would surpass the record-
breaking values of 2023, as we observed below aver-
age values of OWE for all months of 2024. As the dry
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season progresses, water masks can be viewed in this
app: https://daniel-maciel.projects.earthengine.app/
view/water-mask-amazon. Understanding the OWE
spatiotemporal variability is vital for informing tar-
geted conservation strategies and underscores the
urgency of addressing the escalating threats to the
Amazon’s water dynamics. In addition, it is essen-
tial to understand spatiotemporal patterns of drought
and flood events to provide information for the devel-
opment of disaster risk reduction strategies, aim-
ing to mitigate possible environmental and socio-
economic impacts. As we face these ecological chal-
lenges, this study presents insights into the broader
discourse on water-related issues, urging collective
efforts to preserve the environmental integrity of
the Amazon Basin. By employing SAR remote sens-
ing technologies and cloud computing platforms like
GEE, our study contributes to the large-scale spati-
otemporal OWE monitoring in the Amazon, facilit-
ating a deeper understanding of complex ecosystems
and informing urgent conservation strategies. As we
confront an era of environmental challenges, sci-
entific endeavors and policy decisions must converge
to safeguard the invaluable ecological heritage of the
Amazon.

Data availability statement

All the codes used to generate the water masks
are freely available in the Google Earth Engine
code editor: https://code.earthengine.google.com/
40be03256402ffe4e326c9fb5b7a3149. An application
to visualize the water masks is also available: https://
daniel-maciel.projects.earthengine.app/view/water-
mask-amazon.

The data that support the findings of this study are
openly available at the following URL/DOI: https://
doi.org/10.5281/zenodo.11187955. Data will be avail-
able from 13 December 2024.
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