Cren

S ,@ FuroSense?0? 4 e

; Eensnw Food
A Sense of Global Culture 8-11 September 2024 = Dublin, Ireland Network Ireland

} 11th European Conference on Sensory and Consumer Research S ENS0

/» LEGE universite Innovative Sensor-Enabled Tray for Understanding \

¥ Gembloux
Agro-Bio Tech Consumer Eating Behavior

LABORATORY. ©F Baugier B.+, Boreux C.+, De Jaeger S., Codutti N., Barbet F-X., Barbaut A., Joomun U., Joseph Guna Rajan S., Goffin D., Haubruge E.
CSiAéDSrEOI\IN(C))hEﬂlg Gembloux Agro-Bio Tech, University of Liege, Passage des Déportés 2, 5030 Gembloux - Belgium P1.026
\ +: worked equally on the project /

/ Context ~

Nowadays, a thorough understanding of consumer behavior is essential for the development of new products, effective
marketing strategies and hospitality/catering models. Innovation in the field of sensory analysis and digital technologies
offers new perspectives for deeply understanding consumers' eating habits and behaviors. Furthermore, the interest of
connected tools lies in their ability to be deployed on a large scale, to be used in various environments other than

@itional sensory analysis rooms, and to collect a wide range of pertinent data. J

ﬁxperiment \

This study focuses on the use of a connected tray equipped with a weight sensor to track the evolution of a meal over
time. This pilot study with 60 participants in a restaurant environment during the 2022 KIKK Festival, was conducted by
consuming the same dish “Scallops in sauce with vegetables” on the smart tray.

The data collected through the smart tray underwent mathematical processing to follow variables such as the number
of bites, applied force, meal duration, and quantity consumed. The objective of this study is, on the one hand, to
compare data from all consumers and, on the other hand, to attempt and characterize the types of eating behaviors. Scan Me'!

wof the 60 data sets collected, 39 were usable for analysis. / \
ﬁutcomes \ ﬁerspectives
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