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1. Introduction 3. Model configuration

i) Long-lived Volatile Chemical Product (VCP) Tracers: ||i) Weather Research Forcasting model (WRF) i) FLEXPART-WRF
g 12 configurations of WRF were tested with variation in horizontal resolution, Turbulent parameterization: TKE-driven (Verreyken et al., 2019)
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2. Methodology i) Normalized temporal profile for VCP tracers ii) Performance of new temporal profile
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. Fig. 2: Average weekday emissions map (July 2021) of the
D4-Siloxane 4.5e-1 selected VCP tracers under consideration, normalized to
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