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vy =vcos(a), vy =wvsin(a),

de _dy _odv,
dt dt N
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def simulate (v, alpha, dt=0.001):

V_X = VvV * np.cos(alpha) # x velocity m/s
V_y = Vv * np.sin(alpha) # y velocity m/s
y =1.1 + 0.3 * random.normal ()

x = 0.0

while y > 0: # simulate until ball hits floor
v_y += dt * -G # acceleration due to gravity
X += dt * v_x

y += dt * v_y

return x + 0.25 * random.normal ()
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What parameter values 6 are the most plausible given Zops?
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> Input: "An astronaut riding a horse on a distant planet"
Ouput:
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So what?

e Deep learning can be used to inverse models of exoplanet atmospheres.

¢ Inference time reduces from days/weeks to minutes, enabling large-scale
surveys.

e Sophisticated models can be tested, without making compromises.
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