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Biased attention towards emotional stimuli is adaptive, as it facilitates responses to
important threats and rewards. An unfortunate consequence is that emotional stimuli
can become potent distractors when they are irrelevant to current goals. How can
this distraction be overcome despite the bias to attend to emotional stimuli? Recent
studies show that distraction by irrelevant flankers is reduced when distractor frequency
is high, even if they are emotional. A parsimonious explanation is that the expectation
of frequent distractors promotes the use of proactive control, whereby attentional
control settings can be altered to minimize distraction before it occurs. It is difficult,
however, to infer proactive control on the basis of behavioral data alone. We therefore
measured neural indices of proactive control while participants performed a target-
detection task in which irrelevant peripheral distractors (either emotional or neutral) could
appear either frequently (on 75% of trials) or rarely (on 25% of trials). We measured
alpha power during the pre-stimulus period to assess proactive control and during
the post-stimulus period to determine the consequences of control for subsequent
processing. Pre-stimulus alpha power was tonically suppressed in the high, compared to
low, distractor frequency condition, regardless of expected distractor valence, indicating
sustained use of proactive control. In contrast, post-stimulus alpha suppression was
reduced in the high-frequency condition, suggesting that proactive control reduced the
need for post-stimulus adjustments. Our findings indicate that a sustained proactive
control strategy accounts for the reduction in both emotional and non-emotional
distraction when distractors are expected to appear frequently.
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INTRODUCTION

An attentional bias towards emotional stimuli can be advantageous, because they often signal the
presence of threats and rewards (Yiend, 2010; Okon-Singer et al., 2013; Pourtois et al., 2013) and
so can guide adaptive behavior (LeDoux, 1996). Sometimes, however, we need to ignore emotional
stimuli so we can achieve other goals (Lee and Chao, 2012). Effective use of emotional information
therefore requires that we strike a delicate balance, being open to interruption when emotional
stimuli are potentially important but ignoring them when they are not. Here, we explore the
mechanisms of cognitive control that allow us to negotiate these competing demands.
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We draw on the Dual Mechanisms of Control framework
(DMC; Braver et al., 2007; Braver, 2012), which provides an
explanation of cognitive control in non-emotional contexts.
Within the model, cognitive control operates within either a
reactive or a proactive mode (Braver et al., 2009; Braver, 2012).
Reactive control involves recruitment of regulatory processes to
correct deviations from goal-directed cognition when conflict
is detected. In contrast, proactive control is a more effective
but resource-intensive strategy whereby conflict is anticipated
and prevented before it can occur. According to the model, the
extent to which either strategy is used shifts dynamically, based
on motivational and task demands, according to a cognitive
cost–benefit analysis (Braver, 2012). Because proactive control
requires the active (and costly) maintenance of the current
goal, we use reactive control as the default strategy and only
shift to proactive control when the benefits outweigh the costs,
for example, when conflict is expected or when incentives
are available to motivate good performance (Braver et al.,
2007; Locke and Braver, 2008; Aron, 2011). Although many
applications of the DMC framework address response-level
conflicts (e.g., in Stroop or cued response tasks), it can also
be applied to the control of perceptual conflicts, for example,
between goal-relevant targets and goal-irrelevant distractors
(i.e., perceptual distraction; Geng, 2014).

Although the DMC framework accounts for cognitive control
in non-emotional contexts, it has rarely been applied to the
control of emotional distractors, which might be expected to
place extra demands on control mechanisms. Recent work in our
lab (Grimshaw et al., 2018; Walsh et al., 2018, 2019) shows that
emotional distraction can be well-controlled under conditions
that encourage the use of proactive control. One way to promote
the use of proactive control is to increase the proportion of
trials on which conflicts arise, so that they are expected to occur
frequently (Corballis and Gratton, 2003; Neo and Chua, 2006;
Geyer et al., 2008; Bugg and Crump, 2012). Using an irrelevant
peripheral distractor paradigm (modeled on that described by
Forster and Lavie, 2008), we showed that increased distractor
frequency yields less distraction, even when distractors are
emotional (Grimshaw et al., 2018). Participants completed a
simple (i.e., low load) letter discrimination task near fixation,
while a peripheral distractor image was presented on either 25%
or 75% of trials. In separate blocks, distractors could be either
high arousal negative images (mutilations), high arousal positive
images (erotic couples), or neutral images of people engaged
in everyday activities. When distractors appeared on 25% of
trials, emotional images slowed response times significantlymore
than neutral images; however, when distractors appeared on 75%
of trials, neither emotional nor neutral images produced any
distraction at all (see also Micucci et al., 2020).

A parsimonious explanation of these findings is that high
distractor frequency encouraged a shift to proactive control,
which effectively reduced emotional distraction. Although
behavioral findings are consistent with this explanation, it is
also possible that increased distractor frequency facilitated or
speeded reactive control processes like distractor suppression,
disengagement, or reorienting to the target (Geng et al., 2019).
More direct markers of the time course and nature of control can

be provided by neuroimaging and psychophysiological evidence
(e.g., Chatham et al., 2009; Burgess and Braver, 2010; Jimura
et al., 2010; Chiew and Braver, 2013; Botvinick and Braver,
2015; Chevalier et al., 2015; Walsh et al., 2019). For example,
behavioral markers of reactive control have been associated with
post-conflict increases in pupil dilation (an index of cognitive
effort; Chatham et al., 2009; Walsh et al., 2019), and with
transient post-stimulus activation of the lateral prefrontal cortex
(PFC) and anterior cingulate cortex (ACC)—areas thought to
subserve conflict monitoring and resolution processes (Braver
et al., 2003). In contrast, behavioral markers of proactive control
(e.g., reduced interference following predictive or incentive
cues) have been associated with an increase in tonic pupil
dilation—indicating sustained use of proactive control across
trials—and with phasic dilation in the pre-stimulus period,
indicating the dynamic use of proactive control (Chiew and
Braver, 2013;Walsh et al., 2019). Neuroimaging studies also show
sustained activity in lateral PFC under conditions that encourage
proactive control (Burgess and Braver, 2010; Jimura et al., 2010;
Marini et al., 2016), reflecting the ongoing active maintenance of
task goals.

Posterior-occipital alpha (8–13 Hz) is an alternative online
index of cognitive control that has greater temporal sensitivity
than either fMRI or pupillometry and therefore may be even
better suited for tracking dynamic changes in control in real
time. Posterior alpha is established as an inverse measure of
cortical excitability (Laufs et al., 2006; Haegens et al., 2011)
and attentional engagement (Macdonald et al., 2011; Boudewyn
and Carter, 2017; Itthipuripat et al., 2017). Importantly, alpha
reflects not just spontaneous fluctuations in attention, but also
top-down adjustments of cognitive control (Thut et al., 2006;
Capotosto et al., 2009; Carp and Compton, 2009). For example,
alpha is suppressed in the pre-stimulus interval following task
switching cues, indicating that it is involved in proactive rule
updating (Cooper et al., 2016). Alpha suppression is also typically
observed post-stimulus and is pronounced following errors or
high-conflict stimuli (Compton et al., 2011; Jiang et al., 2015,
2018a,b; Itthipuripat et al., 2017), suggesting that it reflects
post-stimulus task engagement as well.

Furthermore, the scalp distribution of alpha modulation is
linked to the direction of spatial attention (Frey et al., 2015; Foster
and Awh, 2019). In cued attention tasks, alpha shows greater
suppression contralateral to the cued visual field (e.g., Sauseng
et al., 2005; Kelly et al., 2006; Thut et al., 2006; van Diepen et al.,
2016; but see Limbach and Corballis, 2017 for qualification), and
this effect is further enhanced by increasing the proportion of
valid cues (Gould et al., 2011; van Ede et al., 2012; Dombrowe
and Hilgetag, 2014). This lateralization of pre-stimulus alpha
has been suggested to reflect top-down anticipatory biasing of
cortical excitability in order to enhance potential target locations
while inhibiting potential distractor locations (Foxe and Snyder,
2011). The retinotopic modulation of pre-stimulus alpha power
is therefore one neural mechanism by which proactive control
might be implemented.

Following our previous behavioral work (Grimshaw et al.,
2018), we hypothesize that proactive control will be engaged
when people anticipate more frequent distractors. We therefore
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measured EEG while participants completed an irrelevant-
distractor task in which they identified a target presented
on the vertical midline while ignoring emotional and neutral
images presented laterally. Participants were randomly assigned
to see distractors on either 25% or 75% of trials. We were
interested in two types of proactive control: the sustained
maintenance of control across trials, as well as a dynamic
enhancement of attentional engagement following a warning
signal (a fixation cross) for an upcoming trial. We therefore
measured the tonic level of unbaselined alpha observed
across a block of trials (as a measure of sustained proactive
control), the phasic drop in alpha during preparation for an
upcoming trial (measured relative to a pre-fixation baseline;
a measure of dynamic proactive control), and an index of
alpha lateralization (a measure of location specific control).
Additionally, we measured alpha in the post-stimulus period to
examine the downstream consequences of proactive control on
subsequent processing.

Using these measures, we address four questions: first, does
high distractor frequency in the irrelevant-distractor paradigm
promote the use of proactive control? If so, then pre-stimulus
posterior alpha should be suppressed in the high relative to
low distractor frequency condition (either phasically, tonically,
or both) reflecting greater task-engagement when preparing for
distractors that are expected to appear frequently.

Second, is such control tailored to the expected valence of
a distractor? Given that emotional distractors are particularly
potent, do participants up-regulate control when emotional
distractors are expected? To answer this question, we blocked
trials by distractor valence, so that participants could anticipate
the type of distractor they might encounter. If people use greater
cognitive effort to ignore anticipated emotional (compared to
neutral) distractors, then greater pre-stimulus alpha suppression
would be expected in emotional relative to non-emotional blocks.
We included both positive and negative emotional distractors in
order to determine whether the use of control differs according
to valence.

Third, is proactive control achieved through the mechanism
of location-based distractor inhibition? A modification to the
original paradigm used in Grimshaw et al. (2018) allows
us to examine pre-stimulus alpha lateralization, which has
been proposed to reflect inhibition within the ipsilateral
field (Foxe and Snyder, 2011; Vissers et al., 2016; Wildegger
et al., 2017). We blocked distractor visual field (left/right)
so that participants could anticipate the visual field of an
upcoming distractor, although not its specific location within
that field. If proactive control is implemented through location-
based distractor inhibition (Gaspelin and Luck, 2018), then
pre-stimulus alpha should be potentiated contralateral to the
expected distractor visual field in the high compared to the low
distractor frequency condition.

Finally, we ask how high distractor frequency affects the
subsequent neural response to distractors themselves. Greater
use of proactive control (prior to stimulus onset) predicts
less need for reactive control (following stimulus onset). We
addressed this question by examining the effect of distractor
frequency and valence on post-stimulus alpha suppression.

MATERIALS AND METHODS

Participants
The effect of distractor frequency on behavioral distraction
(measured in RT) in Grimshaw et al. (2018) was d = 0.78
(averaged across two experiments), which indicates
27 participants per condition to detect a similar effect
with 80% power. For counterbalancing purposes, we ran
60 participants (27 men; 33 women) ranging from 18 to
27 years of age (M = 21.78 years, SD = 2.87), recruited from an
undergraduate psychology pool. One participant was excluded
due to discomfort, which prevented them from completing
the experiment. All participants were fluent English speakers
with normal or corrected-to-normal vision and reported that
they were not receiving current treatment for depression or
anxiety. Participants were randomly assigned to low or high
distractor frequency conditions. They received course credit or
movie vouchers in exchange for their participation and provided
written informed consent prior to participation. The study was
approved by the Human Ethics Committee of the School of
Psychology, Victoria University of Wellington (New Zealand).

Materials
Task Procedure
The irrelevant-distractor task was very similar to that described
in Grimshaw et al. (2018), with some modifications that allowed
us to examine lateralized alpha power (see Figure 1). Participants
discriminated whether a briefly (100 ms) presented capitalized
target letter was a ‘‘K’’ or an ‘‘N.’’ The target letter (font: Arial;
font size: 24; color: white; subtending 0.67� of visual angle) was
randomly presented in one of six possible locations arranged in
a central column along the vertical midline. Letters were evenly
spaced (0.67� visual degrees apart), and the top and bottom
letters appeared 1.68� of visual angle directly above and below
fixation. Lowercase ‘‘o’’s (font: Arial; font size: 8; subtending
0.22� of visual angle) appeared in the five non-target positions
on each trial. Each trial began with a central fixation cross
of a random duration between 900 and 1,100 ms. Following
fixation, the visual letter display was presented for 100 ms.
Participants indicated whether the target was an ‘‘N’’ or a ‘‘K’’
by pressing ‘‘1’’ or ‘‘2’’ with the index and middle finger of their
dominant hand. Key response mappings were counterbalanced
across participants. On a specified proportion of trials (25% in
the low and 75% in the high distractor frequency conditions), a
lateralized distractor image was presented simultaneously with
the visual letter display, randomly in either an upper or lower
quadrant, with the center of the image appearing 7.59� visual
angle from fixation.

Participants received auditory feedback (a 100-ms ‘‘beep’’)
following either an incorrect response or a response slower than
the 1,700-ms response window. A jittered inter-trial interval
was used, ranging between 590 and 790 ms after each response
until the onset of the next fixation cross. Trials were blocked by
distractor valence (positive, negative, and neutral). Specifically,
participants completed three superblocks (192 trials each), in
which the distractor was always the same valence, with order
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FIGURE 1 | Trial procedure and stimulus display. Distractors could appear lateral to the target display either in the upper or lower quadrant, blocked by hemi-field.
Image for illustrative purposes only; the images were drawn from the International Affective Picture System (IAPS; Lang et al., 2008). Displays not to scale. Source:
available from https://www.123rf.com/photo_29940472stock-photo.html, © 123rf.com.

counterbalanced across participants. Each valence superblock
comprised four sub-blocks of 48 trials each; across sub-blocks,
the distractor visual field alternated (left/right or right/left;
counterbalanced across participants) every 24 trials. The order of
sub-blocks was consistent across each valence-block (i.e., it was
always either left/right or right/left throughout the task). Thus,
the side of the potential distractor (although not the quadrant)
was predictable on each trial. Participants were not told the
frequency with which distractors would be presented or that the
valence of distractors would alter between blocks; however, they
completed two initial practice blocks of 48 trials (four sub-blocks
of 12 trials each), with distractor stimuli consisting of pixel
scrambles of the intact images used during the task, presented
at the same frequency as the assigned condition. This allowed
participants to develop an expectancy about distractor frequency
and the consistency of the distractor visual field before exposure
to intact images.

Picture Stimuli
The same distractor stimuli were used as in Grimshaw et al.
(2018; see SupplementaryMaterial 1.1 for specific images). Two
gender-tailored sets of 36 color images were taken from the
International Affective Picture System (IAPS; Lang et al., 2008),
selected to have similar mean valence and arousal ratings for each
gender. Stimuli were 12 neutral pictures (scenes depicting people
in daily life activities), 12 negative pictures (body mutilations),
and 12 positive pictures (erotic images involving heterosexual
couples). Pictures were matched for luminance and contrast with
MATLAB SHINE toolbox (Willenbockel et al., 2010). Pictures
subtended 6.68� ⇥ 6.68� of visual angle and were presented
in color.

Procedure
Each session took approximately 100 min, including EEG setup.
After setup, participants completed the experiment in a dimly
lit, electrically shielded room with the task presented on a Dell
Precision T1600 computer, with a 2300 Alienware 2310 LCD
monitor running at a vertical refresh rate of 120 Hz. A viewing
distance of 57 cm was maintained using a chinrest. Stimulus
presentation and response collection were controlled using
E-prime 2.0 software (Psychology Software Tools Inc, 2012). In
accordance with our standard lab procedure, before participants
received task instructions, they were instructed to rest (with
eyes open and with minimum movement) for 2 min, while
we recorded their resting EEG activity. Alpha activity during
this pre-task resting period did not differ between groups,
t(57) = 0.086, p = 0.932 (see Supplementary Material 1.2).

EEG Recording
EEG was recorded with a Lycra Quick-Cap (Compumedics
NeuroMedical Supplies) embedded with Ag/AgCl electrodes at
28 scalp sites (FP1, FP2, F7, F3, FZ, F4, F8, FT7, FC3, FC4,
FT8, T7, C3, CZ, C4, T8, TP7, CP3, CP4, TP8, P7, P3, PZ,
P4, P8, O1, Oz, and O2, according to the modified 10-20
system; American Electroencephalographic Society, 1994). To
detect blinks and eye movements, the electrooculogram (EOG)
was recorded from electrodes placed at the outer canthus
of each eye (horizontal), and above and below the left eye
(vertical). Electrodes were also placed on the mastoid bones
behind the right and left ears. The EEG and EOG channels
were referenced online to the left mastoid and re-referenced
offline to the algebraic average of the left and right mastoids.
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Impedances were periodically checked between blocks and were
kept below 5 k2.

The EEG signal was amplified with Professional BrainAmps
and digitized at a sampling rate of 500 Hz with Brain-
Vision Recorder (Brain Products, Gilching, Germany). Data
were filtered online with a high-pass filter of 0.02 Hz. Signals
were analyzed using Brain-vision Analyzer 2.0 (Brain Products,
Gilching, Germany). Horizontal EOG (HEOG) and Vertical
EOG (VEOG) channels were created by calculating the difference
between HEOG-Right and HEOG-Left, and VEOG-Lower and
VEOG-Upper, respectively. Data were filtered offline with a low
cutoff of 0.01 Hz and a high cutoff of 30 Hz, with a notch filter
at 50 Hz using a zero phaseshift Butterworth filter (12 dB/oct).
Raw data were manually inspected, and noisy segments were
excluded prior to ICA calculation. Ocular artifacts were removed
using the ICA ocular correction method in Brainvision Analyzer.
The topography of the rejected ICA ocular components was each
verified by visual inspection.

EEG Analysis
For the analysis of pre-stimulus measures, data were partitioned
into 2,700-ms epochs, beginning 600 ms before the onset of the
fixation cross (i.e., during the ITI) and finishing 2,100 ms after
fixation onset (i.e., 1,000–1,200 ms after target display onset).
For the analysis of post-stimulus measures, data were segmented
into 2,100-ms epochs, beginning 600 ms before stimulus onset
(i.e., during the pre-stimulus interval) and finishing 1,500 ms
after stimulus onset. These long epochs provide sufficient buffer
zones at the beginning and end of each segment to avoid
contaminating data in the time windows of interest due to ‘‘edge
artifacts’’ produced by the wavelet analysis (Cohen, 2014).

Because we were interested in assessing whether distractor
frequency affected alpha power across trials (i.e., tonic alpha),
we did not use a baseline correction procedure. Only correct
trials were used for analysis. To remove artifacts due to muscle
movements, segments with a change in voltage exceeding ±100
µV over posterior electrodes (01, 02, 0z, Pz, P3, P4, P7, and
P8) were excluded. This rejection criterion led to a mean total
rejection of 4.9% (SD = 4.7) of trials. We did not exclude
trials in which blinks occurred, as this would have resulted
in excessive data loss given the long windows. However, any
distortion in posterior alpha due to EOG activity is likely
to be negligible (Hagemann and Naumann, 2001) and not
systematically associated with condition.

Alpha Power Analysis
Single-trial power (µV2) was estimated separately for the
pre-stimulus and post-stimulus epochs, using a Continuous
Morlet wavelet transformation, and averaged separately for
each valenced superblock. The Morlet time–frequency analysis
consisted of 20 linearly spaced frequency bands, ranging from
1 to 20 Hz (Cohen, 2014). To account for individual differences
in peak alpha frequency, the specific band used for each
individual (e.g., Klimesch, 1999; Pfurtscheller and Da Silva,
1999; Bas̨ar, 2012) was chosen based on their individual alpha
frequency (IAF), identified in a Fast Fourier Transform across
all pre-stimulus epochs, with a frequency resolution of 0.49 Hz,

measured at electrodes 01, 0z, and 02 (see Gould et al., 2011
for a similar approach). The frequency band with the closest
central frequency to each participant’s IAF was selected for
statistical analysis. The mean IAF was 10.06 Hz (SE = 0.12),
similar to alpha bands used in other studies (e.g., Limbach and
Corballis, 2017). Each participant’s alpha power was pooled
across 01, 0z, and 02, averaged separately for each valence
condition and at each time point, and exported to R for
statistical analysis. Because we were interested in tonic alpha
suppression (i.e., across trials), we did not use a baseline
correction. To correct for non-normality, mean alpha power
values were log-transformed prior to being further analyzed.
Shapiro-Wilks tests confirmed that, after transformation, there
were no violations of normality in either the pre-stimulus or
post-stimulus epochs (all p’s > 0.10).

We also calculated a lateralized measure of alpha power for
each valence block, comparing sub-blocks in which participants
expected distractors to appear in the left and right visual fields.
On the pre-stimulus epochs, alpha lateralization indices (ALIs)
for the P7/P8 electrode pair were calculated using the formula
(Ipsilateral � Contralateral)/(Ipsilateral + Contralateral) (Thut
et al., 2006). Values of this ALI can vary from �1 to +1,
where a negative value indicates greater alpha power over the
side contralateral to the potential distractor location (indicating
suppression at potential distraction locations), and a value of zero
signifies the absence of lateralized differences.

Statistical Analyses
Behavioral Data
Accuracy and mean reaction time (RT) were calculated for each
condition. For RT measures, only correct responses with an
RT longer than 200 ms were analyzed, ensuring anticipatory
responses were not included in the analyses. This exclusion
criterion led to the average removal of 3.15% (SD = 4.50)
of trials per participant. Because our primary hypotheses
concerned distraction in terms of increased response latency,
a distraction index was calculated for each valenced block as
(RT distractor present � RT distractor absent). To assess the
effects of distractor frequency, distraction indices and accuracy
were analyzed in a 3 (valence: negative, neutral, positive) ⇥ 2
(distractor frequency: low, high) mixed ANOVA. In order to
determine whether distraction was affected by the type of
distractor that was expected, we assessed effects of valence (which
indicate differences across the three valence conditions) as well as
quadratic effects of valence (which indicate differences between
emotional and neutral conditions)1. Hypothesized interactions
between valence and distractor frequency were followed up with
one-way ANOVAs in each frequency condition if p < 0.10.

Pre-stimulus Alpha Power
We first used a mass univariate approach to identify the time
windows within the pre-stimulus period in which alpha power
was influenced by the expected frequency or valence of upcoming
distractors. Non-baselined alpha power was analyzed in a 2

1The neutral condition was entered as the middle level of the valence variable,
meaning that differences between emotional and neutral conditions (regardless of
valence) would be revealed as quadratic effects.
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(distractor frequency: low, high) ⇥ 3 (valence: negative, neutral,
positive) mixed ANOVA at each sampled time point between
�200 ms and 1,200 ms (relative to fixation onset). The false
discovery rate (FDR) control procedure was used in order to
correct for multiple comparisons (Benjamini and Hochberg,
1995; Lage-Castellanos et al., 2010; Groppe et al., 2011; Luck,
2014). Because this mass univariate analysis cannot explicitly
assess changes in alpha power across time, we conducted an
additional analysis in order to compare alpha power at the
beginning and end of the fixation period. Average alpha power
was extracted from two time windows: a 200-ms pre-fixation
window (i.e., during the ITI) and a 200-ms pre-stimulus window
between 700 and 900 ms following the onset of fixation
(i.e., immediately prior to the earliest possible onset of a
target display). The extracted alpha power was analyzed in a
2 (distractor frequency: low, high) ⇥ 2 (time window: pre-
fixation, pre-stimulus) ⇥ 3 (valence: negative, neutral, positive)
mixed ANOVA. We expected to see a drop in alpha power over
time (i.e., alpha suppression), consistent with preparation for
the upcoming trial. In this analysis, a main effect of distractor
frequency would reflect tonic alpha suppression (i.e., sustained
proactive control), while an interaction of distractor frequency
and time would reflect phasic alpha suppression (i.e., dynamic
proactive control). Interactions with valence in either analysis
would indicate tailoring of control to the expected valence of an
upcoming distractor. As with the behavioral data, we tested both
overall and quadratic effects of valence.

Alpha Lateralization
To determine whether alpha power was lateralized in
anticipation of distractor onset, each ALI (averaged across
the pre-stimulus time window) was tested against zero in a
Bonferroni-corrected one sample t-test. Effects of distractor
frequency and valence on alpha lateralization were then analyzed
with mass univariate 3 (valence: negative, neutral, positive) ⇥ 2
(distractor frequency: low, high) mixed ANOVAs. A main effect
of distractor frequency (that is, greater lateralization with high
than with low distractor frequency) would indicate proactive
inhibition of anticipated distractor location; interactions
between distractor frequency and valence would indicate
tailoring of inhibition to the expected valence of a distractor.

Post-stimulus Alpha Power
To determine whether distractor frequency alters the neural
response to distractors, we conducted mass univariate 2
(distractor frequency: low, high) ⇥ 2 (distractor present: present,
absent)⇥ 3 (valence: negative, neutral, positive) ANOVAs (FDR-
corrected) for each data point from stimulus onset until 1,700 ms
post-stimulus. As in our analysis of behavioral distraction, we
calculated an index of distractor-driven suppression (Distractor
Present Alpha � Distractor Absent Alpha) for further analysis
with mass univariate 3 (valence: negative, neutral, positive) ⇥ 2
(frequency: high, low) ANOVAs for each data point.

In all analyses, Greenhouse–Geisser corrections were applied
when Mauchly’s test of sphericity was violated. Effect sizes are
⌘2p for ANOVA effects, ds for comparison of independent means,
and dz for comparison of paired mean (Lakens, 2013).

RESULTS

Behavioral Results
Mean overall accuracy rates, RTs, and distraction indices are
presented in Table 1. Mean RTs were first analyzed in a
2 (distractor frequency: high, low) ⇥ 2 (distractor presence:
present, absent) ⇥ 3 (valence: positive, neutral, negative)
ANOVA, which showed no main effect of distractor frequency,
F(1,57) = 0.056, p = 0.813, ⌘2p = <0.01, indicating that there
was no overall difference in RTs between conditions. We
therefore focused on distraction indices (RT present � RT
absent) in subsequent analyses, as these are most relevant to
hypotheses (see Supplementary Material 1.3 for analyses using
RT as the dependent variable). The two-way mixed ANOVA
of distractor frequency ⇥ valence (see Figure 2) showed the
predicted main effect of distractor frequency, F(1,57) = 15.65,
p < 0.001, ⌘2p = 0.215; distraction was attenuated in the high
compared to the low distractor frequency condition, consistent
with the predictions of the DMC framework. There was no main
effect of valence, F(1.68,95.95) = 0.663, p = 0.493, ⌘2p = 0.011.
However, the predicted interaction between distractor frequency
and the quadratic effect of valence approached significance,
F(1,57) = 3.909, p = 0.052, ⌘2p = 0.0642. Replicating previous
findings (Grimshaw et al., 2018), follow-up one-way ANOVAs
revealed a significant quadratic effect of valence in the low
distractor frequency condition, F(1,28) = 5.03, p = 0.033,
⌘2p = 0.152, with both positive and negative images producing
more distraction than neutral ones. However, there was no effect
of valence, nor was there a quadratic effect of valence in the
high distractor frequency condition, F(2,58) = 0.13, p = 0.880,
⌘2p = 0.004, and F(1,29) = 0.24, p = 0.631, ⌘2p = 0.01, respectively.
As expected, accuracy rates were very high overall (M = 96.8%,
SD = 3.9%), and their analysis produced no significant main
effects or interactions.

EEG Alpha Power
Figure 3 shows alpha power over the entire pre-stimulus time
period, for each condition. Time periods during which each
effect was significant for each ANOVA are marked on the figure;
a complete set of figures showing the F and FDR-corrected
p-values for all effects across the time window appears in
Supplementary Figure S1. There was an enduring main effect
of distractor frequency, showing that alpha power was tonically
suppressed in the high compared to low distractor frequency
condition, consistent with the engagement of proactive control.
This effect was significant at each data point (F’s = 4.75–8.48,
p’s = 0.039–0.049), except during the 526- to 1,000-ms window,
where each data point fell just above conventional levels of
significance (F’s = 3.905–4.75, p’s  0.053). There were no
significant effects or interactions involving valence for any
time period.

2Because overall response times were slower (non-significantly) in the
high-frequency condition (see Table 1), we repeated this analysis using a
proportional measure of distraction [(RT distractor present � RT distractor
absent)/(RT distractor absent)]. This normalization did not change any of the
reported effects (see Supplementary Material 1.4).
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TABLE 1 | Mean (SD) response times and distractor indices (in ms) in each experimental condition.

Condition Distractor present Distractor absent Distraction index t dz p

Low frequency
Positive 529 (71) 509 (58) 20 (30) 3.7⇤⇤ 0.70 <0.001
Neutral 526 (68) 516 (63) 10 (19) 3.0⇤ 0.53 0.003
Negative 539 (89) 522 (77) 17 (34) 2.7⇤ 0.50 0.006
High frequency
Positive 525 (82) 526 (78) �1 (18) 0.28 0.06 0.391
Neutral 532 (80) 531 (78) 1 (19) 3.0 0.05 0.442
Negative 527 (81) 529 (81) �2 (16) 0.50 0.13 0.309

Note: t, dz, and p-values refer to the comparison of distractor present and distractor absent trials in each condition. dz are effect sizes for within-subject comparisons (Lakens, 2013).
⇤p < 0.05, ⇤⇤p < 0.001.

FIGURE 2 | Mean distraction indices (RT on distractor-present trials � RT
on distractor-absent trials) by distractor frequency and valence. Emotional
distraction was observed in the low distractor frequency condition but not the
high distractor frequency condition. Error bars are SEMs corrected for
within-subjects comparisons (Morey, 2008).

Consistent with the mass univariate ANOVA results, the
ANOVA using just the two time windows (pre-fixation and
pre-stimulus) on alpha power also revealed a main effect of
distractor frequency, F(1,57) = 5.22, p< 0.026, ⌘2p = 0.084, showing
that alpha was tonically suppressed in the high compared
to the low distractor frequency condition. In addition, there
was a predicted main effect of window, F(1,57) = 102.23,
p < 0.001, ⌘2p = 0.642, showing that alpha power dropped
following fixation cross onset, reflecting preparation to attend
to the target. However, there was no time window ⇥ distractor
frequency interaction, F(1,57) = 0.263, p = 0.610, ⌘2p = 0.005,
suggesting that the phasic changes in alpha (i.e., suppression
in response to fixation onset) did not differ between the high
and low distractor frequency conditions. Although a significant
valence ⇥ frequency interaction, F(2,110) = 4.45, p = 0.014,
⌘2p = 0.072, was present, post hoc paired t-tests found no
significant differences between distractor valences in either
condition, t’s = �2.47–2.79, p’s > 0.066–0.780, suggesting that
any differences in alpha suppression according to valence are
minimal. Visual inspection of Figure 3 supports this conclusion.

Taken together, our findings indicate that alpha in the
high-frequency condition was tonically suppressed across trials
(i.e., even before fixation cross onset), but that the phasic drop
in alpha following fixation (and in preparation for the upcoming

trial) was not sensitive to distractor frequency. In both frequency
conditions, there was no notable adjustment of either tonic
or phasic alpha suppression according to the expected valence
of a distractor.

To test for alpha lateralization, one-sample t-tests were
conducted on the mean ALI in the pre-stimulus (700–900 ms)
period for each valence per condition, using a Bonferroni-
corrected alpha level of 0.008. This analysis found no
evidence of lateralization in any condition (t’s = �1.927–1.509,
p’s = 0.060–0.613). This finding suggests that proactive
suppression of potential distractor locations cannot account for
the effective control of distraction observed in the high distractor
frequency condition (at least not as implemented by alpha
lateralization). Not surprisingly, the mass univariate analysis
of ALIs revealed no significant main effects or interactions
(F’s  1.857, p’s � 0.130; see Figure 4), showing that alpha
lateralization did not systematically differ between conditions.

Dynamic changes in post-stimulus alpha are shown in
Figure 5; a complete set of figures showing the F and
FDR-corrected p values for all effects across the time window
appears in Supplementary Figure S2. A main effect of distractor
presence showed, as expected, greater suppression following
stimulus onset when distractors were present vs. absent; this
effect was significant from 288 to 1,588 ms post-stimulus,
F’s = 4.102–188.134, p’s = 0.001–0.050. Importantly, this
effect interacted with distractor frequency, F’s = 4.01–9.12,
p’s = < 0.001–0.050, showing that distractor-driven alpha
suppression (i.e., the greater suppression that occurs following
the appearance of distractors) was more pronounced in the
low compared to high distractor frequency condition. Further
analysis of this distractor-driven alpha suppression revealed a
main effect of valence from 512 to 990 ms, F’s = 4.64–6.39,
p’s = 0.021–0.050, which did not interact with distractor
frequency, F’s = 0.169–2.280, p’s  0.983. To clarify the effect
of valence, a further ANOVA was conducted on the mean
suppression indices within this window. A significant quadratic
effect of valence, F(1,57) = 10.154, p = 0.002, ⌘2p = 0.151, showed
greater distractor-driven alpha suppression following emotional
than neutral distractors.

DISCUSSION

Replicating previous findings (Grimshaw et al., 2018; Micucci
et al., 2020), emotional images were more distracting than
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FIGURE 3 | Log alpha power. (A) Grand average waveforms of
log-transformed individual alpha frequency (IAF) alpha power from pooled
electrodes 01, 02, and 0Z in the low (dashed lines) and high (solid lines)
distractor frequency conditions, according to valence block. Fixation onset
occurs at 0 ms. The gray box indicates the period when a stimulus display
could occur (900–1,100 ms). The gray horizontal line indicates where alpha
power was significantly reduced in the high compared to low distractor
frequency condition. Shaded error bars depict the ±95% within-subjects
confidence intervals. (B) Average alpha power during the pre-fixation
(�200 to 0 ms) and pre-stimulus (700–900 ms) time windows. Error bars
depict the between-subjects SEM.

neutral ones when distractors were rare, but not when they
were frequent. A parsimonious explanation of these findings
is that greater proactive control is engaged when distractors
are expected to appear more frequently, which enables effective
control of emotional distractors. Our aim here was to test
this account directly by measuring alpha suppression as an
online index of cognitive control. In discussing these findings,
we return to our four questions. First, does high distractor
frequency promote the use of either sustained or dynamic
proactive control? Second, is such control tailored to the expected
valence of a distractor? Third, is proactive control achieved
through location-based distractor inhibition? Finally, how does
high distractor frequency affect the subsequent neural response
to distractors?

Does High Distractor Frequency Promote
the Use of Proactive Control?
In answer to the first question, alpha was tonically suppressed
in the high compared to low distractor frequency condition,
indicating greater baseline attentional engagement when

FIGURE 4 | Alpha lateralization indices. Alpha lateralization indices for the
low and high distractor frequency conditions, as a function of valence block.
A negative value indicates greater alpha power over the side contralateral to
the potential distractor location (indicating suppression at potential distraction
locations), with a value of zero signifying the absence of lateralized
differences. The gray box indicates the time window of possible stimulus
onset. No significant alpha lateralization was found.

distractors were expected to appear often, consistent with the
use of sustained (i.e., block-wide) proactive control. Because
proactive control requires continuous goal maintenance, the
sustained increase in attentional engagement under high
distractor frequency is consistent with predictions from the
DMC (Braver, 2012). Indeed, in other paradigms, neural indices
of attentional engagement have shown similarly sustained
differences between proactive and reactive control conditions
(Chiew and Braver, 2013; Marini et al., 2016), and proactive
control can be mediated by sustained activation in the lPFC
(Jimura et al., 2010; Lesh et al., 2013). A sustained proactive
strategy in the high distractor frequency condition is also
consistent with findings from the list-wise manipulations of
trial proportion in other paradigms (e.g., Stroop, flanker),
which have been found to promote proactive control that is
sustained across trials in anticipation of upcoming conflict
(Bugg and Crump, 2012).

We also observed an expected phasic suppression of alpha
following fixation onset, but the degree of suppression did not
differ according to either valence or distractor frequency. The
similar pattern of phasic alpha suppression across conditions
suggests that, on a trial-by-trial basis, participants prepared
similarly to attend to the target regardless of their expectations
about upcoming distractors. This lack of difference in phasic
alpha suppression between conditions further supports the
conclusion that the effective control of distraction in the high
distractor frequency condition is achieved through a sustained,
rather than dynamic, proactive strategy.

The DMC framework suggests that sustained proactive
control is implemented through the alteration of attentional
control settings to optimize task-relevant processing, and our
data are consistent with this hypothesis. However, we must
acknowledge an alternative mechanism, that the apparent
block-wide alpha suppression in the high compared to low
distractor frequency condition instead reflects an accumulation
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FIGURE 5 | Post-stimulus alpha power. (A) Grand average waveforms of
post-stimulus alpha power in the low and high distractor frequency
conditions, following either a distractor (dashed lines) or no-distractor (solid
lines), appearing at 0 ms, by valence block. Stimulus onset occurs at 0 ms.
(B) Distractor driven alpha suppression (calculated as Distractor
Present � Distractor Absent alpha power) in the low (dashed lines) and high
(solid lines) distractor frequency conditions. The black line indicates where
distractor-driven alpha suppression was greater in the low compared to the
high distractor frequency condition. The red line indicates where there was a
main effect of valence: alpha was more suppressed following emotional
compared to non-emotional distractors during this period. Shaded error bars
depict the ±95% within-subjects confidence intervals.

of sequential effects. Alpha suppression following presentation
of a distractor may carry over into the next trial, and this
carryover would occur more frequently in the high distractor
frequency condition. Note that this is an alternative mechanism
of proactive control, reflecting a transient up-regulation of
control following conflict (i.e., conflict adaptation; Botvinick
et al., 2001). Unfortunately, the current study was not
designed to distinguish between global anticipatory control
and such cumulative sequential effects, a widespread limitation
in paradigms manipulating conflict proportions. In order to
clearly disentangle global anticipatory from sequential effects,
future studies will need to ensure sufficient trials in each
condition to reliably compare trials that follow distractor-present
vs. distractor-absent trials. Additional EEG indices of control
may also be useful in further exploring potential mechanisms.
Although we confined our analysis here to posterior alpha as a
well-established index of control, other measures (e.g., frontal
alpha, midfrontal theta) may provide additional insights into
the broader network that implements control. Regardless of

the specific mechanisms by which posterior alpha suppression
facilitates performance, our findings provide clear evidence that
increased distractor frequency promotes proactive control.

Is Proactive Control Tailored to the
Potential Potency of an Expected
Distractor?
Because proactive control is often associated with some sort
of cognitive ‘‘effort,’’ we wondered whether participants would
engage greater control (or at least greater pre-stimulus alpha
suppression) when they expected distractors to be emotional.
Given that emotional distractors are more disruptive in the
low-frequency condition, we might expect greater proactive
alpha suppression to be required to achieve their effective
control in the high-frequency condition. If so, we should
have seen greater pre-stimulus alpha suppression in emotional
than in neutral blocks and particularly in the high distractor
frequency condition. However, expected emotional (compared to
neutral) distractors did not increase either tonic or phasic alpha
suppression. This means that the same level of alpha suppression
was sufficient to guard against both emotional and neutral
distractors in the high-frequency condition. We speculate that
the control of emotional distraction may depend on a threshold
level of alpha suppression. Alpha power above threshold may
allow distractors to capture attention, requiring reactive control
mechanisms that are less effective against emotional than neutral
distractors. However, alpha power sustained below threshold
may effectively guard against all distractors regardless of valence.
In other words, the emotionality of a distractor becomes relevant
after it has captured attention, but not before.

Is Proactive Control Implemented via
Suppression of Potential Distractor
Locations?
Proactive control describes a collection of possible mechanisms
that can act prior to conflict to reduce its impact. One
possible mechanism by which proactive control might be
implemented in our task is through anticipatory inhibition
of processing in areas of the visual field where distractors
frequently appear (Wang and Theeuwes, 2018a,b). We therefore
blocked the visual field in which a distractor could appear
so that we could examine lateralized alpha suppression, a
measure that has been proposed as an index of spatial inhibition
of visual processing (Foxe and Snyder, 2011). We found no
systematic alpha lateralization in any condition, and therefore
no evidence that anticipatory spatial inhibition served as a
mechanism of proactive control. On the face of it, this finding
suggests that proactive control might be implemented through
the enhancement of visual processing related to the target
(either its location or features), and not suppression related to
distractors. However, recent evidence cautions that location-
based distractor inhibition can occur in the absence of alpha
lateralization (e.g., Noonan et al., 2016), and the validity of alpha
lateralization as an index of spatial inhibition has recently been
challenged (Foster and Awh, 2019). Therefore, our failure to
find alpha lateralization should not be taken as strong evidence
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of whether participants did (or did not) use location-based
inhibition as a mechanism of control. Future research that can
dissociate target enhancement from distractor suppression (for
example, using the N2pc and Pd components in ERP studies;
Hickey et al., 2009; Hilimire et al., 2012) will be important in
elucidating the specific mechanisms by which proactive control
is implemented.

How Does High Distractor Frequency
Affect the Neural Response to Distractors?
In both distractor frequency conditions, post-stimulus alpha
suppression was greater following distractors (relative to when
targets were presented alone) and was more pronounced when
the distractors were emotional. This pattern of findings is in line
with previous reports that alpha suppression is greater following
high compared to low conflict stimuli (Itthipuripat et al., 2017;
Jiang et al., 2018a). Importantly, there was less distractor-driven
suppression in the high compared to the low distractor frequency
condition, suggesting that distractors produced less conflict when
they were expected to appear frequently. Although proactive and
reactive control are commonly taken to be independent (Braver,
2012; Mäki-Marttunen et al., 2019) and implemented through
different neural systems (Braver et al., 2007; Geng, 2014; Schmid
et al., 2015), they may still exhibit a reciprocal relationship, in
that greater proactive control reduces the need for subsequent
reactive control.

CONCLUSION

Emotional stimuli are, of course, everywhere. Although they
often provide important survival information, they can also
be entirely irrelevant to our current goals. Our findings here
replicate previous research showing that our sensitivity to
emotional distractors depends on our current mode of cognitive
control: when conditions favor reactive control, task-irrelevant
emotional images disrupt performance, but when conditions
favor proactive control, neither emotional nor non-emotional
images are distracting. Such flexible use of cognitive control
allows for an optimal response to emotional distractors. When
they are rare, they may signal important survival information

and so it is adaptive for them to interrupt ongoing processing.
However, when they appear frequently without consequence,
they are no longer informative, and effective goal-directed
behavior is best served if they are ignored. Here, we provide
evidence that top-down modulation of posterior alpha power
may be one mechanism by which these dual modes of emotional
control can be implemented.

DATA AVAILABILITY STATEMENT

Deidentified data, analysis scripts, and experiment materials are
available at: https://osf.io/7ztkw/?view_only=a2c72b64d7dd4708
b8f2f47d8626ee59.

ETHICS STATEMENT

The studies involving human participants were reviewed
and approved by the Human Ethics Committee of the
School of Psychology, Victoria University of Wellington. The
patients/participants provided their written informed consent to
participate in this study.

AUTHOR CONTRIBUTIONS

JM and GG conceived the research question. All authors
contributed to the research design. JM and CD programmed the
experiment. JM collected and analyzed data and wrote the first
draft of the manuscript. All authors contributed to the article and
approved the submitted version.

FUNDING

Research was supported by grant VUW1307 from the Royal
Society of New Zealand Marsden fund to GG.

SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found online
at: https://www.frontiersin.org/articles/10.3389/fnhum.2020.003
18/full#supplementary-material.

REFERENCES

Aron, A. R. (2011). From reactive to proactive and selective control: developing a
richermodel for stopping inappropriate responses. Biol. Psychiatry 69, e55–e68.
doi: 10.1016/j.biopsych.2010.07.024

Bas̨ar, E. (2012). A review of alpha activity in integrative brain function:
Fundamental physiology, sensory coding, cognition and pathology. Int. J.
Psychophysiol. 86, 1–24. doi: 10.1016/j.ijpsycho.2012.07.002

Benjamini, Y., and Hochberg, Y. (1995). Controlling the false discovery rate:
a practical and powerful approach to multiple testing. J. R. Stat. Soc. B 57,
289–300. doi: 10.1111/j.2517-6161.1995.tb02031.x

Botvinick, M. M., Braver, T. S., Barch, D. M., Carter, C. S., and Cohen, J. D.
(2001). Conflict monitoring and cognitive control. Psychol. Rev. 108, 624–652.
doi: 10.1037/0033-295x.108.3.624

Botvinick, M., and Braver, T. (2015). Motivation and cognitive control:
from behaviour to neural mechanism. Annu. Rev. Psychol. 66, 83–113.
doi: 10.1146/annurev-psych-010814-015044

Boudewyn, M. A., and Carter, C. S. (2017). Electrophysiological correlates
of adaptive control and attentional engagement in patients with first
episode schizophrenia and healthy young adults. Psychophysiology 55:e12820.
doi: 10.1111/psyp.12820

Braver, T. S. (2012). The variable nature of cognitive control: a dual-mechanisms
framework. Trends Cogn. Sci. 16, 106–113. doi: 10.1016/j.tics.2011.
12.010

Braver, T. S., Gray, J. R., and Burgess, G. C. (2007). ‘‘Explaining the many varieties
of Working Memory variation: dual mechanisms of cognitive control,’’ in
Variation in Working Memory, eds A. R. A. Conway, C. Jarrold, M. J. Kane,
A. Miyake and J. N. Towse (Oxford: Oxford University Press), 76–106.

Braver, T. S., Paxton, J. L., Locke, H. S., and Barch, D. M. (2009). Flexible neural
mechanisms of cognitive control within human prefrontal cortex. Proc. Natl.
Acad. Sci. U S A 106, 7351–7356. doi: 10.1073/pnas.0808187106

Braver, T. S., Reynolds, J. R., and Donaldson, D. I. (2003). Neural mechanisms
of transient and sustained cognitive control during task switching. Neuron 39,
713–726. doi: 10.1016/s0896-6273(03)00466-5

Frontiers in Human Neuroscience | www.frontiersin.org 10 August 2020 | Volume 14 | Article 318



Murphy et al. Proactive Control of Emotional Distraction

Bugg, J. M., and Crump, M. J. C. (2012). In support of a distinction between
voluntary and stimulus-driven control: a review of the literature on proportion
congruent effects. Front. Psychol. 3:367. doi: 10.3389/fpsyg.2012.00367

Burgess, G. C., and Braver, T. S. (2010). Neural mechanisms of interference control
in working memory: effects of interference expectancy and fluid intelligence.
PLoS One 5:e12861. doi: 10.1371/journal.pone.0012861

Capotosto, P., Babiloni, C., Romani, G. L., and Corbetta, M. (2009). Frontoparietal
cortex controls spatial attention throughmodulation of anticipatory a rhythms.
J. Neurosci. 29, 5863–5872. doi: 10.1523/JNEUROSCI.0539-09.2009

Carp, J., and Compton, R. J. (2009). a power is influenced by performance errors.
Psychophysiology 46, 336–343. doi: 10.1111/j.1469-8986.2008.00773.x

Chatham, C. H., Frank, M. J., and Munakata, Y. (2009). Pupillometric and
behavioral markers of a developmental shift in the temporal dynamics
of cognitive control. Proc. Natl. Acad. Sci. U S A 106, 5529–5533.
doi: 10.1073/pnas.0810002106

Chevalier, N., Martis, S. B., Curran, T., and Munakata, Y. (2015). Metacognitive
processes in executive control development: the case of reactive and proactive
control. J. Cogn. Neurosci. 27, 1125–1136. doi: 10.1162/jocn_a_00782

Chiew, K. S., and Braver, T. S. (2013). Temporal dynamics of motivation-cognitive
control interactions revealed by high-resolution pupillometry. Front. Psychol.
4:15. doi: 10.3389/fpsyg.2013.00015

Cohen, M. X. (2014). Analyzing Neural Time Series Data: Theory and Practice.
Cambridge, MA: MIT Press.

Compton, R. J., Arnstein, D., Freedman, G., Dainer-Best, J., and Liss, A. (2011).
Cognitive control in the intertrial interval: evidence from EEG a power.
Psychophysiology 48, 583–590. doi: 10.1111/j.1469-8986.2010.01124.x

Cooper, P. S., Darriba, Á., Karayanidis, F., and Barceló, F. (2016). Contextually
sensitive power changes across multiple frequency bands underpin cognitive
control. NeuroImage 132, 499–511. doi: 10.1016/j.neuroimage.2016.03.010

Corballis, P. M., and Gratton, G. (2003). Independent control of processing
strategies for different locations in the visual field. Biol. Psychol. 64, 191–209.
doi: 10.1016/s0301-0511(03)00109-1

Dombrowe, I., and Hilgetag, C. C. (2014). Occipitoparietal a-band responses
to the graded allocation of top-down spatial attention. J. Neurophysiol. 112,
1307–1316. doi: 10.1152/jn.00654.2013

Forster, S., and Lavie, N. (2008). Attentional capture by entirely irrelevant
distractors. Vis. Cogn. 16, 200–214. doi: 10.1080/13506280701465049

Foster, J. J., and Awh, E. (2019). The role of a oscillations in spatial attention:
limited evidence for a suppression account. Curr. Opin. Psychol. 29, 34–40.
doi: 10.1016/j.copsyc.2018.11.001

Foxe, J. J., and Snyder, A. C. (2011). The role of a-band brain oscillations as
a sensory suppression mechanism during selective attention. Front. Psychol.
2:154. doi: 10.3389/fpsyg.2011.00154

Frey, J. N., Ruhnau, P., and Weisz, N. (2015). Not so different after all: The
same oscillatory processes support different types of attention. Brain Res. 1626,
183–197. doi: 10.1016/j.brainres.2015.02.017

Gaspelin, N., and Luck, S. J. (2018). The role of inhibition in avoiding distraction
by salient stimuli. Trends Cogn. Sci. 22, 79–92. doi: 10.1016/j.tics.2017.11.001

Geng, J. J. (2014). Attentional mechanisms of distractor suppression. Curr. Dir.
Psychol. Sci. 23, 147–153. doi: 10.1177/0963721414525780

Geng, J. J., Won, B.-Y., and Carlisle, N. B. (2019). Distractor ignoring:
strategies, learning, and passive filtering. Curr. Dir. Psychol. Sci. 28, 600–606.
doi: 10.1177/0963721419867099

Geyer, T., Müller, H. J., and Krummenacher, J. (2008). Expectancies modulate
attentional capture by salient color singletons. Vision Res. 48, 1315–1326.
doi: 10.1016/j.visres.2008.02.006

Gould, I. C., Rushworth, M. F., and Nobre, A. C. (2011). Indexing the
graded allocation of visuospatial attention using anticipatory a oscillations.
J. Neurophysiol. 105, 1318–1326. doi: 10.1152/jn.00653.2010

Grimshaw, G. M., Kranz, L. S., Carmel, D., Moody, R. E., and Devue, C. (2018).
Contrasting reactive and proactive control of emotional distraction. Emotion
18, 26–38. doi: 10.1037/emo0000337

Groppe, D. M., Urbach, T. P., and Kutas, M. (2011). Mass univariate
analysis of event-related brain potentials/fields I: a critical tutorial
review. Psychophysiology 48, 1711–1725. doi: 10.1111/j.1469-8986.2011.
01273.x

Haegens, S., Nácher, V., Luna, R., Romo, R., and Jensen, O. (2011). a-oscillations
in the monkey sensorimotor network influence discrimination performance by

rhythmical inhibition of neuronal spiking. Proc. Natl. Acad. Sci. U S A 108,
19377–19382. doi: 10.1073/pnas.1117190108

Hagemann, D., and Naumann, E. (2001). The effects of ocular artifacts on
(lateralized) broadband power in the EEG. Clin. Neurophysiol. 112, 215–231.
doi: 10.1016/s1388-2457(00)00541-1

Hickey, C., Di Lollo, V., andMcDonald, J. J. (2009). Electrophysiological indices of
target and distractor processing in visual search. J. Cogn. Neurosci. 21, 760–775.
doi: 10.1162/jocn.2009.21039

Hilimire, M. R., Hickey, C., and Corballis, P. M. (2012). Target resolution in
visual search involves the direct suppression of distractors: evidence from
electrophysiology. Psychophysiology 49, 504–509. doi: 10.1111/j.1469-8986.
2011.01326.x

Itthipuripat, S., Deering, S., and Serences, J. (2017). When conflict
cannot be avoided: executive control dominates early selective sensory
modulations during cognitive conflict. BioRxiv [Preprint]. doi: 10.1101/
177394

Jiang, J., Bailey, K., and Xiao, X. (2018a). Midfrontal theta and posterior
parietal a band oscillations support conflict resolution in a masked affective
priming task. Front. Hum. Neurosci. 12:175. doi: 10.3389/fnhum.2018.
00175

Jiang, J., Correa, C. M., Geerts, J., and van Gaal, S. (2018b). The relationship
between conflict awareness and behavioral and oscillatory signatures
of immediate and delayed cognitive control. NeuroImage 177, 11–19.
doi: 10.1016/j.neuroimage.2018.05.007

Jiang, J., Zhang, Q., and Van Gaal, S. (2015). EEG neural oscillatory dynamics
reveal semantic and response conflict at difference levels of conflict awareness.
Sci. Rep. 5:12008. doi: 10.1038/srep12008

Jimura, K., Locke, H. S., and Braver, T. S. (2010). Prefrontal cortex mediation of
cognitive enhancement in rewarding motivational contexts. Proc. Natl. Acad.
Sci. U S A 107, 8871–8876. doi: 10.1073/pnas.1002007107

Kelly, S. P., Lalor, E. C., Reilly, R. B., and Foxe, J. J. (2006). Increases in
a oscillatory power reflect an active retinotopic mechanism for distracter
suppression during sustained visuospatial attention. J. Neurophysiol. 95,
3844–3851. doi: 10.1152/jn.01234.2005

Klimesch, W. (1999). EEG a and theta oscillations reflect cognitive and
memory performance: a review and analysis. Brain Res. Rev. 29, 169–195.
doi: 10.1016/s0165-0173(98)00056-3

Lage-Castellanos, A., Martínez-Montes, E., Hernández-Cabrera, J. A.,
and Galán, L. (2010). False discovery rate and permutation test: an
evaluation in ERP data analysis. Stat. Med. 29, 63–74. doi: 10.1002/
sim.3784

Lakens, D. (2013). Calculating and reporting effect sizes to facilitate cumulative
science: a practical primer for t-tests and ANOVAs. Front. Psychol. 4:863.
doi: 10.3389/fpsyg.2013.00863

Lang, P. J., Bradley, M. M., and Cuthbert, B. N. (2008). International Affective
Picture System (IAPS): Affective Ratings of Pictures and Instruction Manual.
Technical Report A-8. Gainesville, FL: University of Florida.

Laufs, H., Holt, J. L., Elfont, R., Krams, M., Paul, J. S., Krakow, K., et al. (2006).
Where the BOLD signal goes when a EEG leaves. NeuroImage 31, 1408–1418.
doi: 10.1016/j.neuroimage.2006.02.002

LeDoux, J. (1996). Emotional networks and motor control: a fearful view. Prog.
Brain Res. 107, 437–446. doi: 10.1016/s0079-6123(08)61880-4

Lee, Y. C., and Chao, H. F. (2012). The role of active inhibitory control in
psychological well-being and mindfulness. Pers. Individ. Dif. 53, 618–621.
doi: 10.1016/j.paid.2012.05.001

Lesh, T. A., Westphal, A. J., Niendam, T. A., Yoon, J. H., Minzenberg, M. J.,
Ragland, J. D., et al. (2013). Proactive and reactive cognitive control and
dorsolateral prefrontal cortex dysfunction in first episode schizophrenia.
NeuroImage Clin. 2, 590–599. doi: 10.1016/j.nicl.2013.04.010

Limbach, K., and Corballis, P. M. (2017). a-power modulation reflects the
balancing of task requirements in a selective attention task. Psychophysiology
54, 224–234. doi: 10.1111/psyp.12774

Locke, H. S., and Braver, T. S. (2008). Motivational influences on cognitive control:
behavior, brain activation, and individual differences. Cogn. Affect. Behav.
Neurosci. 8, 99–112. doi: 10.3758/cabn.8.1.99

Luck, S. J. (2014). ‘‘The mass univariate approach and permutation statistics,’’ in
An Introduction to the Event-Related Potential Technique, 2nd Edn. Cambridge,
MA: MIT Press. Available online at: https://erpinfo.org/free-online-chapters

Frontiers in Human Neuroscience | www.frontiersin.org 11 August 2020 | Volume 14 | Article 318



Murphy et al. Proactive Control of Emotional Distraction

Macdonald, J. S. P., Mathan, S., and Yeung, N. (2011). Trial-by-trial variations
in subjective attentional state are reflected in ongoing prestimulus EEG a

oscillations. Front. Psychol. 2:82. doi: 10.3389/fpsyg.2011.00082
Mäki-Marttunen, V., Hagen, T., and Espeseth, T. (2019). Proactive and reactive

modes of cognitive control can operate independently and simultaneously.Acta
Psychol 199:102891. doi: 10.1016/j.actpsy.2019.102891

Marini, F., Demeter, E., Roberts, K. C., Chelazzi, L., and Woldorff, M. G. (2016).
Orchestrating proactive and reactive mechanisms for filtering distracting
information: brain-Behavior relationships revealed by a mixed-design fMRI
study. J. Neurosci. 36, 988–1000. doi: 10.1523/JNEUROSCI.2966-15.2016

Micucci, A., Ferrari, V., De Cesarei, A., and Codispoti, M. (2020). Contextual
modulation of emotional distraction: attentional capture and motivational
significance. J. Cogn. Neurosci. 32, 621–633. doi: 10.1162/jocn_a_01505

Morey, R. D. (2008). Confidence intervals from normalized data: a correction to
Cousineau (2005). Tutor. Q. Methods Psychol. 4, 61–64. doi: 10.20982/tqmp.04.
2.p061

Neo, G., and Chua, F. K. (2006). Capturing focused attention. Percept. Psychophys.
68, 1286–1296. doi: 10.3758/bf03193728

Noonan, M. P., Adamian, N., Pike, A., Printzlau, F., Crittenden, B. M., and
Stokes, M. G. (2016). Distinct mechanisms for distractor suppression and target
facilitation. J. Neurosci. 36, 1797–1807. doi: 10.1523/JNEUROSCI.2133-15.2016

Okon-Singer, H., Lichtenstein-Vidne, L., and Cohen, N. (2013). Dynamic
modulation of emotional processing. Biol. Psychol. 92, 480–491. doi: 10.1016/j.
biopsycho.2012.05.010

Pfurtscheller, G., and Da Silva, F. L. (1999). Event-related EEG/MEG
synchronization and desynchronization: basic principles. Clin. Neurophysiol.
110, 1842–1857. doi: 10.1016/s1388-2457(99)00141-8

Pourtois, G., Schettino, A., and Vuilleumier, P. (2013). Brain mechanisms for
emotional influences on perception and attention: what is magic and what is
not. Biol. Psychol. 92, 492–512. doi: 10.1016/j.biopsycho.2012.02.007

Psychology Software Tools Inc. (2012). [E-Prime 2.0]. Available online at:
http://www.pstnet.com.

Sauseng, P., Klimesch, W., Stadler, W., Schabus, M., Doppelmayr, M.,
Hanslmayr, S., et al. (2005). A shift of visual spatial attention is selectively
associated with human EEG a activity. Eur. J. Neurosci. 22, 2917–2926.
doi: 10.1111/j.1460-9568.2005.04482.x

Schmid, P. C., Kleiman, T., and Amodio, D. M. (2015). Neural mechanisms of
proactive and reactive cognitive control in social anxiety. Cortex 70, 137–145.
doi: 10.1016/j.cortex.2015.05.030

Thut, G., Nietzel, A., Brandt, S. A., and Pascual-Leone, A. (2006). a-band
electroencephalographic activity over occipital cortex indexes visuospatial
attention bias and predicts visual target detection. J. Neurosci. 26, 9494–9502.
doi: 10.1523/JNEUROSCI.0875-06.2006

van Diepen, R. M., Miller, L., Mazaheri, A., and Geng, J. J. (2016). The role of
a activity in spatial and featured-based attention. eNeuro 3:ENEURO.0204-
16.2016. doi: 10.1523/eneuro.0204-16.2016

van Ede, F., de Lange, F. P., and Maris, E. (2012). Attentional cues affect accuracy
and reaction time via different cognitive and neural processes. J. Neurosci. 32,
10408–10412. doi: 10.1523/JNEUROSCI.1337-12.2012

Vissers, M. E., van Driel, J., and Slagter, H. A. (2016). Proactive, but not reactive,
distractor filtering relies on local modulation of a oscillatory activity. J. Cogn.
Neurosci. 28, 1964–1979. doi: 10.1162/jocn_a_01017

Walsh, A. T., Carmel, D., and Grimshaw, G. M. (2019). Reward elicits cognitive
control over emotional distraction: evidence from pupillometry. Cogn. Affect.
Behav. Neurosci. 19, 537–554. doi: 10.3758/s13415-018-00669-w

Walsh, A. T., Carmel, D., Harper, D., and Grimshaw, G. M. (2018). Motivation
enhances control of positive and negative emotional distractions. Psychon. Bull.
Rev. 25, 1556–1562. doi: 10.3758/s13423-017-1414-5

Wang, B., and Theeuwes, J. (2018a). How to inhibit a distractor location? Statistical
learning versus active, top-down suppression. Atten. Percept. Psychophys. 80,
860–870. doi: 10.3758/s13414-018-1493-z

Wang, B., and Theeuwes, J. (2018b). Statistical regularities modulate
attentional capture. J. Exp. Psychol. Hum. Percept. Perform. 44, 13–17.
doi: 10.1037/xhp0000472

Wildegger, T., van Ede, F., Woolrich, M., Gillebert, C. R., and Nobre, A. C.
(2017). Preparatory a-band oscillations reflect spatial gating independently
of predictions regarding target identity. J. Neurophysiol. 117, 1385–1394.
doi: 10.1152/jn.00856.2016

Willenbockel, V., Sadr, J., Fiset, D., Horne, G. O., Gosselin, F., and Tanaka, J. W.
(2010). Controlling low-level image properties: the SHINE toolbox. Behav. Res.
Methods 42, 671–684. doi: 10.3758/BRM.42.3.671

Yiend, J. (2010). The effects of emotion on attention: a review of
attentional processing of emotional information. Cogn. Emot. 24, 3–47.
doi: 10.1080/02699930903205698

Conflict of Interest: The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be construed as a
potential conflict of interest.

Copyright © 2020 Murphy, Devue, Corballis and Grimshaw. This is an open-access
article distributed under the terms of the Creative Commons Attribution License
(CC BY). The use, distribution or reproduction in other forums is permitted,
provided the original author(s) and the copyright owner(s) are credited and that the
original publication in this journal is cited, in accordance with accepted academic
practice. No use, distribution or reproduction is permitted which does not comply
with these terms.

Frontiers in Human Neuroscience | www.frontiersin.org 12 August 2020 | Volume 14 | Article 318


