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the pattern of brain activation/anatomy over a set of voxels. Due to their
multivariate properties, these methods can achieve relatively greater
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disease, their use often requires (high-level) programming skills. For
Instance, one sophisticated software package currently available " !
(PYMVPA, [2]) allows advanced machine learning modeling of neuroimaging T
data but it does not provide graphical interfaces nor comprehensive displays
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PRoNTo Is a Matlab-based, SPM compatible toolbox, which can be used In | o o
three ways: graphical user-interface, Matlab batch system (developed at [3])
or scripting function calls. The toolbox Is organized in modules (Fig. 1), 50|
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Fig. 1: PRoNTo framework. The main modules are represented in blue, with their respective inputs fMRI’ PET’ )
(in grey) and outputs (in orange). They form the main analysis pipeline. Optional steps are < Modular design to be easily extended: feature selection and
represented by dashed arrows. Finally, the ‘Review’ and ‘Results’ modules contain the different : lidati d | £ : /
displays available for reviewing data, design, model, cross-validation or results. extraction, valiaation proceaures or classli ication
regression models).
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